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The generative artificial intelligence is altering the way visual content is created, distributed, and consumed in marketing,
design and creative practices. Since digital environments are inundated with visual content, businesses are turning to Al
systems to accelerate the production, customize the experience, as well as experiment with new appearances. The paper
will examine the impact of generative Al on visual communication, creativity, authorship, and design work. The current
research and the trends of the industry indicate that creativity is no longer a purely human endeavor, but rather a
combination of human and Al work. Although Al can be used to generate ideas quickly, with high scale of variation, and
adaptive visual strategy, authenticity, cultural resonance, and ethical accountability of the work remain the domain of
humans. This paper creates a conceptual framework to understand this new landscape, identifies its implications on visual
marketing, and suggests viable ways of action when a company wants to adopt generative systems effectively. It concludes
with identifying key limitations and outlining a future research agenda on the topic of human-Al creative ecosystems.
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provokes the conventional concept of originality and
INTRODUCTION authorship (Epstein ef al., 2023; Hong & Curran, 2019).

Recent discoveries in the marketing research field
suggest that Al-generated images can have similar

The digital communication is developing at an
extremely fast rate because the visual media is becoming

the primary method in which the consumer views brands, results as those of human-created designs regarding

processesl 1nf01"rr11atlor(11' and lljs, able tccl) ﬁntgract W‘lth recall, persuasive performance, and click-through
content. In social media, websites, and the immersive (Longoni et al, 2019; Luo et al, 2021). With a

digital spaces, visual content is increasingly defining the
success of the attention, emotion, and marketing.
Meanwhile, generative Al is transforming the process of
the production, sharing, and personalization of that
content. Recent multimodal generative models, such as
diffusion systems and transformer models, enable
businesses to generate visual objects more quickly and
on scale, which was previously unfeasible. According to
the scholars, these tools increase the creative capacity,
allow marketers to ideate rapidly, and allow them to
refine ideas across the channels (Kietzmann et al., 2020;
Gkinko & Elbanna, 2022).

fragmented consumer attention, the capacity to create
high quality and adaptive visuals in large scale will
provide a strategic advantage to brands in terms of
relevance and differentiation.

Regardless of all these advances, the effects of
generative Al on visual communication remain unclear.
The most important questions are: How do consumers
perceive Al-generated content? What is the perception of
authenticity as regards to synthetic imagery? Who is in
charge of creativity human or machine? Researchers
emphasize the importance of human knowledge in the
context, culture, and ethics, although Al is bringing more
novelty and efficiency (Kaplan & Haenlein, 2019;
Kietzmann et al., 2020). It is critical to understand the
interaction of these factors to be able to use content
marketing in a responsible and effective way.

Generative Al is not just the new production
process, it is changing the very nature of creative work.
Studies indicate that Al is capable of creating images and
styles that are similar to those created by humans, which
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This article contributes to the existing body of
knowledge, reviewing the impact of generative Al on the
concept of content marketing via human-Al co-creation.
This paper suggests integrated framework that will
capitalize on the synergy between human and machine
capabilities in modern visual communication, relying on
the recent developments in diffusion models (Ramesh et
al., 2022), sophisticated visual generation systems
(Ramesh et al., 2022), and video generation platforms
(Brooks et al., 2024).

Research Questions

RQ1: How does the generative Al affect creative output,
authorship in the art, and the design work?

RQ2: How do consumers perceive Al-generated visual
content as regards to authenticity, trust and emotion?
RQ3: How can the human-Al co-creation systems
enhance the visual content creation and marketing
outcomes?

Research Objectives

Objective 1: To examine how generative Al is changing
the creative process, artistic authorship, and the purpose
of the designer in the creation of visual content.
Objective 2: Assessing the perception of Al-generated
visual content by consumers in relation to authenticity,
emotional impact, trust, and general acceptance.
Objective 3: To design and test an idea of a human-Al
co-creation model to increase visual content creation,
personalization, and marketing performance.

The Visual Contents of On-Line Marketing

Digital communication is propelled by visual
content that influences the way consumers read, judge,
and react to marketing messages. The visuals in a fast-
information and  highly competitive attention
environment allow one to think faster and better
comprehend than text alone. Studies have shown that
images, data graphs, and short videos are more engaging,
and easier to remember and understand the message as
they are more natural to see (Houts ef al., 2023; Tufte,
2001). Findings mostly affirm that visually enhanced
communication is in most cases effective in most digital
platforms compared to text-saturated content, but
effectiveness may be dependent on context and platform
objectives.

Visual content has a number of strategic
marketing purposes. It makes complex information
simple, elicits emotions, strengthens brand recognition
and forms first impressions. According to the consumer
psychology studies, emotionally appealing images are a
strong predictor of brand attitudes and purchase
intentions (Bagozzi et al., 1999; Elder, Schlosser & Poor,
2021). In online advertising, a clear, credible, and
relevant visual enhancement in a competitive online
environment is achieved through well-designed visuals
(Bleier & Eisenbeiss, 2015; Belanche, Flavian & Perez-
Rueda, 2022). As a result, businesses have invested more

in visual-first content on social media, mobile interfaces,
programmatic advertisements and branded ecosystems.

This change has been hastened by visual-based
platforms such as TikTok, Instagram, YouTube, and
Pinterest. These platforms have made short videos and
dynamic image consumption, which is changing the way
media is consumed in the world. According to peer-
reviewed studies, short-form videos are able to boost
attention, engagement and sharing rates, in large part
because they are paced with a fast narrative and have
high levels of audiovisual appeal (Hu ef al., 2024;
Vaughn et al., 2020; Ha & Lennon, 2010). The new
mobile camera technology and creator tools have
mainstreamed the concept of visual production, which
has made pictures and video the currency of attention
online.

Personalization is now closely connected with
visual strategy. The present-day digital ecosystems rely
on machine learning and behavioral data to provide the
user with customized visuals depending on their
preferences, emotions, and situation. Studies have
demonstrated that personalized imagery increases
relevance, trust, and satisfaction especially where the
consumers are subjected to content overload (Kumar et
al., 2024; Yazdani et al., 2023). Personalized imagery
provides companies with an upper hand when relevancy
is the factor determining whether a message is noticed at
all.

Nonetheless, the development of visual
communication also poses problems. Saturation in the
digital world has heightened the competition in terms of
attention, compelling brands to create unique and
emotionally engaging images. With the rush and bustle
of mobile and social media, content needs to convey its
value in milliseconds. Such pressures, coupled with
high-volume content requirements, have increased the
use of generative Al tools faster. These tools facilitate
the automation of design, amplify content variation, and
also provide experimentation of creativity. It is proven
that Al-assisted visual production can assist
organizations in maintaining quality and consistency and
fulfilling the needs of unceasing digital communication
(Kumar et al., 2024; Yazdani et al., 2023).

To conclude, visual content is still a pillar of
digital marketing performance. It’s cognitive, emotional,
and behavioral benefits enhance involvement, message
clarity, and consumer decision making in a better way as
compared to text alone. With the ongoing development
of digital ecosystems, the capability to produce
individualized, high-quality, and unique visual content
will still be a key to success in marketing. This supports
the strategic relevance of incorporating the latest
technologies, such as generative Al, into the visual
communication processes.
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Artificial Intelligence and Art

Digital communication is propelled by visual
content that influences the way consumers read, judge,
and react to marketing messages. The visuals in a fast-
information and highly competitive attention
environment allow one to think faster and better
comprehend than text alone. Studies have shown that
images, data graphs, and short videos are more engaging,
and easier to remember and understand the message as
they are more natural to see (Sundar et al., 2015; Tufte,
2001). Findings mostly affirm that visually enhanced
communication is in most cases effective in most digital
platforms compared to text-saturated content, but
effectiveness may be dependent on context and platform
objectives.

Visual content has a number of strategic
marketing purposes. It makes complex information
simple, elicits emotions, strengthens brand recognition
and forms first impressions. According to the consumer
psychology studies, emotionally appealing images are a
strong predictor of brand attitudes and purchase
intentions (Bagozzi et al., 1999; Pieters & Wedel, 2004).
In online digital advertising, a clear, credible, and
relevant visual enhancement in a competitive online
environment is achieved through well-designed visuals
(Bleier & Eisenbeiss, 2015; Belanche, Flavian & Perez-
Rueda, 2022). As a result, businesses have invested more
in visual-first content on social media, mobile interfaces,
programmatic advertisements and branded ecosystems.

This change has been hastened by visual-based
platforms such as TikTok, Instagram, YouTube, and
Pinterest. These platforms have made short videos and
dynamic image consumption, which is changing the way
media is consumed in the world. According to peer-
reviewed studies, short-form videos are able to boost
attention, engagement and sharing rates, in large part
because they are paced with a fast narrative and have
high levels of audiovisual appeal (Vaughn et al., 2020;
Ha & Lennon, 2010). The new mobile camera
technology and creator tools have mainstreamed the
concept of visual production, which has made pictures
and video the currency of attention online.

Personalization is now closely connected with
visual strategy. The present-day digital ecosystems rely
on machine learning and behavioral data to provide the
user with customized visuals depending on their
preferences, emotions, and situation. Studies have
demonstrated that personalized imagery increases
relevance, trust, and satisfaction especially where the
consumers are subjected to content overload (Aguirre et
al., 2016; Bleier & Eisenbeiss, 2015). Personalized
imagery provides companies with an upper hand when
relevancy is the factor determining whether a message is
noticed at all.

Nonetheless, the development of visual
communication also poses problems. Saturation in the

digital world has heightened the competition in terms of
attention, compelling brands to create unique and
emotionally engaging images. With the rush and bustle
of mobile and social media, content needs to convey its
value in milliseconds. Such pressures, coupled with
high-volume content requirements, have increased the
use of generative Al tools faster. These tools facilitate
the automation of design, amplify content variation, and
also provide experimentation of creativity. It is proven
that Al-assisted visual production can assist
organizations in maintaining quality and consistency and
fulfilling the needs of unceasing digital communication
(Kietzmann et al., 2020; Jovanovic & Campbell, 2022).

To conclude, visual content is still a pillar of
digital marketing performance. It’s cognitive, emotional,
and behavioral benefits enhance involvement, message
clarity, and consumer decision making in a better way as
compared to text alone. With the ongoing development
of digital ecosystems, the capability to produce
individualized, high-quality, and unique visual content
will still be a key to success in marketing. This supports
the strategic relevance of incorporating the latest
technologies, such as generative Al, into the visual
communication processes.

Generative Al and Art

The modern Al systems have gone through an
immense revival of generative art. Rule-based
programming was used in early algorithmic art, but today
generative art is inspired by machine learning models, in
particular diffusion models, generative adversarial
networks (GANSs), and transformer-based architecture
which can autonomously produce complex visual
images. Recent developments indicate that these models
create artworks in a stylistically coherent way, aesthetic
novelty, and conceptual depth on a level that was
previously only linked with human artistic practice
(Ramesh et al., 2022; Dhariwal & Nichol, 2021).
Consequently, generative art has left the experimental
computing world and entered the popular culture of
artists, designers, and large cultural institutions.

Fundamentally, generative art is motivated by
an unstable partnership of human artists and algorithms.
Artists provide prompts, constraints, or conceptual
structures and models receive these as input to generate
outputs which may be startling, provocative or push
human expectations. Recent studies indicate that the
practitioners are beginning to perceive generative Al as
a living partner that helps people explore creativity and
find new approaches to aesthetics (Bown & Egbert,
2021; Hoffmann et al., 2022). This changing relationship
is indicative of a more generalized move toward
distributed creativity where there is agency in both
human and machine agents and the result of the
collaboration is a product neither can produce alone.

This change is caused by technological
innovation. The newest generation of diffusion models,
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including Stable Diffusion XL, Midjourney Model V6,
and DALL E 3, have made vast improvements to the
resolution, semantic quality and style variety of Al-
generated images. They have also reduced technical
barriers and have allowed more creators to work in
generative art, whether formally trained or not. Studies
on computational aesthetics indicate that diffusion-based
models are always more successful than the previous
GAN-based models in terms of coherence, fidelity, and
creative flexibility (Dhariwal & Nichol, 2021; Song et
al., 2021). With the integration of these tools into
professional practice, the platforms of generative art are
becoming increasingly legitimate and visible to the
modern visual culture (Ramesh ef al., 2022).

The development of artificial intelligence-
generated images has also brought back intellectual
discussions of originality, authorship, and artistic value.
Modern analysis suggests that generative art disrupts the
concept of authorship, as the final creation is not only the
work of the artist, but also the training information and
the algorithms that produce the images (Epstein et al.,
2023). Although such systems provide effective ideation
and stylistic experimentation tools, the use of massive
datasets makes these systems question intellectual
property, cultural representation, and the ethical use of
visual material. There is also a warning among scholars
that due to the increasing autonomy of generative
systems, it might be necessary to find new ways of
aesthetics and legal analysis to identify the intent of the
artwork and assess authenticity (Smuha, 2021).

Interestingly, generative art is not just
transforming the artistic practice, it is also affected in
other areas such as graphic design, media production and
marketing. Generative tools have become a common
practice in many organizations to generate more creative
content, tailor visuals to particular groups of audiences,
and produce brand-relevant visuals fast and effectively.
Further broadening the visual imaginations, production,
and distribution of visual content through the internet is
signaled by the expansion of generative art into
commercial and communication spheres (Kietzmann et
al., 2020; Jovanovic & Campbell, 2022).

In brief, one of the most significant places
where artificial intelligence collides with contemporary
creativity is in generative art. Integrating machine
learning with the sense of a human artist, it challenges
the boundaries of what art is and suggests new viable
opportunities in the creation of art pieces. With the
development of Al technologies, generative art will
gradually influence cultural discourse, art, and the visual
communication practices applied in advertising and
design.

Generative Media

Generative media refers to digital content
(images, videos, audio, and interactive experiences) that
is created by machine-learning systems instead of being

created by human hands as in the past. During recent
years, it has grown into an enormous component of
communication, marketing, and creative industries, as
diffusion models have developed rapidly, transformer-
based architectures, and multimodal AI systems are
created that generate high-fidelity output based on
simple text or image prompts. Such developments have
turned generative media into a tool for mass
customization and personalized and dynamic visual
communication, leaving it behind as a niche experiment
(Ramesh et al., 2022; Jovanovic & Campbell, 2022).

The most prominent aspect of generative media
is the unprecedented speed and scale. Diffusion models
like Stable Diffusion XL, Midjourney V6, and DALL E
3 are able to generate hundreds of stylistically consistent
images within a few seconds. New video-generation
technology creates short videos that are becoming more
realistic, temporally consistent, and narratively coherent
(Brooks et al., 2024). Such a high-speed generation
capacity helps the marketer, designer, and content
creator to save time of creation and test in real-time and
continue optimizing visual resources across various
audiences and platforms, according to recent research
(Davenport & Mittal, 2022; Kietzmann et al., 2020).

One of the major strengths of generative media
is  personalization. The new machine-learning
frameworks can modify the visual information according
to user preferences, culture, behavioral history, and
consumption setting. Generative visuals that are
customized have been discovered to enhance the sense of
relevance, emotional reactivity, and click-through rates
in online digital marketing, specifically when the content
generated is consistent with the interests and past
experiences of users (Aguirre et al., 2016; Bleier &
Eisenbeiss, 2015). These results justify the fact that there
is a transition to adaptive media ecosystems in which
visual content is constantly changed depending on the
needs of an individual.

Creative media is also transforming artistic and
cultural production. Artists are expanding their creative
capacity and incorporating Al-generated art with human
conceptualization, editing, and narrative. Professional
artists are more productive, ideate more quickly, and are
able to explore aesthetics more when generative tools are
used, albeit without sacrificing their particular artistic
goals and their authorship (Bown & Egbert, 2021;
Epstein et al., 2023). It is a hybrid practice, which means
that generative systems do not displace human creativity,
but rather liberate the potentials of creators in the visual,
audio, and immersive media.

But there are new challenges of authenticity,
accuracy, and ethics in adopting generative media. The
use of synthetic content may make it difficult to
distinguish between original and machine-generated
work, and it may make it more difficult to identify the
authorship, intellectual property, and trust. Researchers
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stress that they need to be labeled, the sources of content
are traceable, and they should have better governance
practices that can assist them in avoiding
misinformation, compromised datasets, and overreliance
on synthetic media (Smuha, 2021; Gebru ef al., 2021).
Since multimodal models can generate text, image,
video, and audio, accountability, ownership, and cultural
representation issues become the focus of industry policy
and research.

Generative media is practically changing the
communication strategies in organizations. Generative
models are being used by companies to produce
campaign assets, design concepts, design product
imagery, localize global-market-based content, and
customize visual content to a specific audience. These
changes are signs of a general change in the nature of
assets traditionally stagnant and hand-created to active,
algorithmic media that reacts to behavioral signals,
market tendencies, and real-time analytics.

In brief, generative media has emerged as one
of the most powerful trends in visual communication and
in the digital marketing. It makes content creation quick,
scalable, and customized, making it inexpensive and
increasing the conceptual and aesthetic potential of
digital media production. The more organizations
integrate the generative systems within their workflows,
the more the creative, ethical, cultural, and strategic
implications of such systems will be necessary in order
to navigate an ever more Al-driven media ecosystem.

Limitations and Problems of Generative Al in
Marketing

Despite the promise, generative Al integration
in marketing poses a major challenge that should be
navigated through.

First, there is the problem of authorship and
authenticity, which researchers have revealed that
consumers may be punitive of Al-generated content
when it is disclosed, and it is not yet clear whether
creators should disclose the involvement of Al, as such
disclosure could have adverse effects on consumer
reception (Epstein et al., 2023; Longoni et al., 2019).
This presents a strategic dilemma to brands as it would

have to make this choice or hide that they are using Al-
generated content.

Second, legal and intellectual property is
unclear. The copyright law in most jurisdictions,
including the recommendations of the U.S. Copyright
Office, is currently unsure about Al-generated content
unless it can be shown that such content involved
immense human creativity (U.S. Copyright Office, 2023;
Samuelson, 2023). The legal gray area has huge
implications on ownership, liability and reuse of assets
in marketing campaigns.

Third, generative Al is limited in technical
capability and is biased. Trained models based on large
and long-term data can recreate and potentially reinforce
stereotypes in society, promote exclusionary discourses,
or misrepresent various identities (Gebru et al., 2021).
The black box quality of most of the models and the
obscurity of the training data make such auditing and
correction particularly challenging.

Fourth, the danger of mass production and
homogenization is a reality (Kietzmann et al., 2020). The
low cost and ease of creating visual content in large
quantities jeopardize the quality of generated content by
flooding digital ecosystems with homogenous content,
low-quality content, or content that is confusing to
consumers, ultimately reducing the effectiveness of the
marketing process.

Lastly, there are more global ethical issues that
transcend marketing. The ability of the technology to
produce deep fakes, highly manipulative personalized
content, and misleading images presents a critical threat
to the trust people place in digital media (Chesney &
Citron, 2019). The responsible implementation of
generative Al in marketing, therefore, requires strict
control, the establishment of greater accountability on
the part of the platforms, and the creation of solid
professional guidelines. All of these limitations, in turn,
are indicative of the fact that a cohesive collection of
governing  structures, technical safeguards, and
educational initiatives would be required to ensure that
generative tools are used appropriately and effectively
within the marketing ecosystems.
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Figure 1: Integrated Human—AlI Collaboration Model in Marketing Processes

Figure 1: The figure shows the interaction of
strategic human inputs and Al-driven capabilities in a
feedback-driven co-creation process. It emphasizes the
complementary role of human and Al in influencing,
creating, and improving marketing products.

Computational Creativity

In modern Al studies, computational creativity
is once again finding its place in the forefront and centre
and especially with generative models now being used in
the context of making and generating creative decisions.
In contrast to previous rule-based systems, which were
guided by deterministic logic, modern computational
creativity uses large-scale learning architectures which
have the ability to generate patterns, styles, and semantic
structures based on massive training data. This change
has led researchers to reconsider some of the questions
of the past regarding the sense in which a system creates
and in what ways machine-generated artefacts are
connected to human intention, interpretation, and
cultural meaning (Jordanous, 2020; Epstein et al., 2023).

Recent studies indicate that modern Al systems
are capable of displaying behaviors that are similar in
terms of novelty, variation, divergence, and open-ended
exploration. However, philosophical studies have
identified that such productions do not include the
cognitive experience, intrinsic motivation, or subjective
intent that are typically used to describe the human
artistic and conceptual creativity (Mitchell, 2021; Boden,
2009). This difference is central to determining what
computational creativity is: even though generative
models can generate results that are visually creative to
the human eye, those results do not represent creativity
in the psychological or experiential sense.

In a variety of applied areas, computational
creativity is currently implemented as collaborative

teams of human-Al teams. Rather than viewing Al as a
creative system, individuals consider generative systems
as collaborators that expand the search for creativity and
accelerate the process of idea creation. Generative
models have been found to allow artists, designers,
advertisers, and other creatives to generate new styles
and forms at a faster rate and create a hybrid form with
human ideas and machine variations (Yoo et al., 2023;
Bown & Egbert, 2021). In such instances, creativity is
not produced by one party but is co-produced.

This cooperative change also alters the way
creativity is applied in design, marketing, media
production, and entertainment. The Al has the ability to
generate numerous variants of a visual concept, propose
new layouts, or indicate new styles that humans can edit,
combine, or eliminate. These tools expand the creative
ability by removing manual constraints and allowing
creators to concentrate on the more advanced ideas and
narratives. Studies in design computing has shown that
generative systems improve creative fluency, increase
idea diversity, and allow exploration of possibilities
further (Kietzmann et al., 2020).

Nonetheless, there are new challenges with
human-AI creativity. There is a question of who owns
the creative agency, the transparency of the role of
machine, and the assessment of authenticity or
originality of the joint works. According to scholars, the
value of computational creativity is not in its ability to
simulate human thinking but in its ability to expand the
expressive possibilities without losing its connection to
human judgment, cultural awareness, and interpretation
(Jordanous, 2020; Smuha, 2021). The importance of
creating strong frameworks to evaluate creative agency,
ethical authorship, and accountability in Al-assisted
creative practice is highlighted by this fact.
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In general, generative Al represents a shift
towards viewing creativity as a human characteristic to a
distributed phenomenon between humans and machines.
With the increasing capabilities and proliferation of these
systems, we need to further increase our knowledge
about the sharing, negotiation, and evaluation of
creativity in human-Al interactions. This is very
important in theory and practice in the creative
disciplines.

Is AI Art Real Art?

The question of whether the images generated
by Al can be regarded as real art has been one of the most
contested topics in contemporary aesthetics, as the
systems of generating images of visual consistency and
stylistic variety, as well as conceptual audacity, have
disrupted the traditional understanding of art as a process
that requires human authorship, agency, and
expressiveness. According to some researchers, Al
artifacts exist in a transitional place: they resemble
traditional artwork, but are created by systems that are
not conscious, emotional, or deliberate (Boden, 2009;
Coeckelbergh, 2016). Such tension compels us to
reconsider the process of what makes something
important in a creative environment based on technology
and the construction of meaning.

One of the main criticisms is on artistic
intention that has traditionally been regarded as a
necessary component of art. Due to the lack of desires,
motivations and self-awareness, Al systems cannot
develop intentions in the philosophical sense. As a result,
others believe that Al-generated art is not an independent
work of art, but rather they become art when human
beings place them in context, curate, or interpret. This
position is supported by the works of computational
aesthetics scholars, who demonstrate that such images
acquire artistic value only when applied to exhibitions,
design procedures, or storylines (Manovich, 2020;
Coeckelbergh, 2016). In that regard, Al is not a painter
or creator, but rather a tool or a partner.

There is also an approach to thinking that
focuses on the interpretation of the audience as the
source of artistic meaning. Studies have repeatedly found
that even when participants are tested blind, they can
usually identify the same pieces of art as less valuable,
less beautiful, and less profound when they are
specifically informed that the creator is an Al as opposed
to a human (Hong and Curran, 2019; Chamberlain et al.,
2018). This human-label preference means the
impression of the perceived human involvement and
authorship on the audience is very strong since people
prefer to think of art as something unique to human
experience. In this example, Al art can be considered a
part of a bigger interpretive process in which the human
engagement gives the work the emotional and symbolic
meaning, and not the means of production itself.

The increasing role of Al art in the professional
world makes this even more complex. Works of Al are
also presented more frequently in galleries, design
festivals, competitions, and markets, which indicates the
acceptance of culture. According to qualitative studies,
artistic experts perceive Al art as a new phase in the
development of art, just like the disruptive nature of
photography, digital art, and algorithmic media
(Mazzone & Elgammal, 2019; Manovich, 2020). Instead
of replacing traditional practice, Al broadens the palette,
making it possible to experiment with different things
and create hybrid aesthetics.

However, there are still issues of authorship,
originality, and agency. According to scholars,
generative models can create aesthetically new works,
but they do not experience the life that human art might
have in terms of emotional depth and sense of existence
(Gomes et al., 2021; Coeckelbergh, 2016). According to
these criticisms, art is inherently connected with human
experience and that no algorithm can recreate intentional
dimensions and existential dimensions.

In general, contemporary critical discourse
leans towards a hybrid model in which Al art is not yet
real art, but it becomes one through the perception and
selection of humans, as well as the integration into the
cultural realm. The meaning is created through the
interaction of human creators, machine systems, and
audiences. It is better to think of AI as a creative
collaborator in this perspective, where it supplies raw
material and humans polish, contextualize and give
meaning to it.

To conclude, Al art is a challenge to traditional
concepts of creativity, authorship, and value. Even
though generative systems do not possess the intentional,
emotional, and experience aspects commonly associated
with artists, their productions have taken on a cultural
importance ~ when  embedded  within  human
interpretation. On the contrary, Al enhances human
creativity and extends the limits of artistic potential,
suggesting a new approach to perception of art in the
digital era.

Do Humans Prefer AI Art?

The recent explosion of generative models has
elicited much research concerning the perception and
evaluation of Al art by people. One of the most debated
questions in aesthetics and human-computer interaction
is when and whether many people prefer Al-generated
images to human works. Recent data demonstrates that
the reaction of the audience is not a matter of like or
dislike. Individuals evaluate Al art based on its
aesthetics, context, and their conceptualization of its
creation specifically, by whom and why it was made
(Mazzone & Elgammal, 2019; Epstein ef al., 2023).
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Experiments show that viewers do not always
choose human images in blind tests in comparison with
Al generated images.

According to some studies, this original
neutrality or interest can be explained by the fact that Al
can create visually new or bizarre compositions that can
be distinguished in an overcrowded digital environment.
This means that the first visual impression can be
positive, but this must be considered in conjunction with
other studies that have continually demonstrated that
once viewers learn an artwork is Al-created, they will
tend to undervalue it compared to a similar human-made
work.

The ratings, however, change drastically once
authorship is disclosed. Being aware that an image has
been created with the help of Al tends to decrease the
scoring, in many cases, due to a fear of authenticity,
intent, and emotionality (Hong & Curran, 2019;
Coeckelbergh, 2016). This penalty on authorship has
another layer of philosophical thought: individuals
demand art based on human experience and expression
intent. As a result, Al art is perceived as being deprived
of emotional appeal and narrative foundation of human
work (Boden, 2009; Coeckelbergh, 2016).

Context matters a lot. At the professional art
level, in galleries and juried competitions and curated
exhibitions, people have a more stringent set of criteria
in terms of originality, conceptual richness and artistic
purpose. Interviewed digital artists and curators state that
they can perceive the aesthetical quality of Al images,
but often dislike them because they do not have the
subtlety or the sense of feeling intended (Mazzone and
Elgammal, 2019; Beraldo et al., 2023). This fact reflects
the larger art theory that emotional and experiential
origins play a crucial part in artistic meaning (Gomes et
al., 2021).

Marketing, entertainment and commerce, on the
other hand, appreciate practicality. Any content that
appears good, seems personalized, and fits the context is
preferred by the audiences, irrespective of the source. Al
images are especially effective in this area as they can be
easily adjusted to the tastes of users, formats, and
platform design. With the proliferation of Al media in
the social network, streaming, and advertising, initial
reservations are transformed into familiarity and
acceptance (Davenport et al., 2020).

There are also differences in generations. The
younger generation that is more digital-native will be
more willing to accept Al art, and it will be judged based
on the visual impression. The elderly focus on human
authorship, creative effort, and creative intent (Kim,
Sundar, & Oh, 2021). These trends indicate that the
cultural acceptance of Al art can increase with the
increase in exposure to younger generations.

Altogether, studies indicate that the tastes in Al
art are not universal, but conditional. In cases where
visual novelty, change in style, or eye-catching detail is
the primary requirement, Al is able to rival or even
exceed human-created art, particularly on the internet or
in the business arena. Human art tends to prevail when
emotional richness, will, and genuineness are of greater
importance. Instead of taking over human creativity, Al
introduces more visual experiments to the aesthetic field,
which does not replace human work but rather enhances
1it.

With generative technology continuing to
infiltrate arts, commerce and culture, it is essential to
comprehend these subtle audience trends in a bid to
evaluate the overall social and economic effects of Al art.

Will AI Replace Designers?

The rapid use of generative Al in creative
industries gives rise to the controversy of whether the
machine will displace designers and create high-quality
visual content. As much as the current models have the
ability to produce impressive graphics and styles in a
relatively short amount of time, studies are increasingly
demonstrating that Al is transforming rather than
eliminating the role of the designer. The studies of design
cognition and human-computer collaboration show that
Al primarily generates the lower-level production and
enhances the strategic, conceptual, and interpretive
components of the design process (Rao & Verweij, 2024;
Long & Magerko, 2020).

The advantages of Al are high-speed idea
generation, the exploration of styles, and the creation of
content that is scalable. This ability speeds up the initial
design processes such as mood boards, sketches and
prototyping. According to designers, Al tools reduce the
time required to experiment, which allows them to test
numerous visual possibilities before narrowing down to
the final idea (Davenport et al, 2020). Instead of
eliminating designers, Al is moving the process to more
advanced creative decisions, such as narrative framing,
meaning creation, and user-experience strategy, which
also can only be made by humans.

In spite of this flexibility, generative systems
lack the cognitive, emotional and contextual capabilities
that are the drivers of human design expertise. Design
thinking requires empathy, cultural understanding, moral
sense and situational awareness, which cannot be
reproduced using statistical pattern recognition models
(Boden, 2009; Mitchell, 2021). These human qualities
are needed to understand the needs of the user, deal with
the sensibilities of social or even cultural factors, and
deliver designs that appeal to particular communities or
markets. Therefore, AI results frequently need a
substantial amount of human intervention, editing, and
interpretation before meaningfulness or ethical
correctness.

© 2026 | Published by Scholars Middle East Publishers, Dubai, United Arab Emirates 23



Olawale C. Olawore ef al, Saudi J Econ Fin, Jan, 2026; 10(1): 16-30

In addition, the introduction of AI into the
design processes poses new challenges to professionals
regarding originality, authorship, and responsibility. The
ambiguity in legal regulations surrounding intellectual
property and fair use is a challenge that designers have
to overcome since generative models usually use huge
amounts of data which can include copyrighted or
otherwise culturally sensitive works. According to
scholars, human supervision is needed to maintain
ethical standards, accountability, and creative integrity in
Al-assisted projects (Mazzone & Elgammal, 2019;
Coeckelbergh, 2016). It supports the primary role of
human choice in design, even though the automation is
becoming more advanced.

The trends in the industry suggest that Al will
not decrease but increase the value of human designers.
With the rise of Al tools in use by organizations,
designers are in higher demand to guide, evaluate, and
edit machine-generated content. Such new positions as
Al design strategist, prompt-based creative director, and
algorithmic art curator demonstrate that the field is not
reducing, but increasing (Agrawal et al., 2024). Those
designers who incorporate Al into their processes claim
to be more productive, creatively explore more, and
provide more personalized or adaptive design solutions.
Anti-Al proponents will find it harder to keep up with
shifting demands of speed, scale, and customization
(Agrawal et al., 2024).

In general, it can be seen that AI will not
displace designers but will reshape the design landscape.
The future is in hybrid creative systems that will combine
human skill and machine ability. Creators who perceive
generative Al as a creative collaborator, rather than a
threat, will be more successful in creating more diverse,
more individualized and dynamic results. Creativity in
humans is still needed to establish vision, shape

narrative, cultural nuance and ethical standards. Instead
of replacing the design profession, Al is the beginning of
a new age in which intelligent technologies enhance,
enlarge, and improve human creativity.

Al-Enabled Marketing Workflows

Generative Al systems are becoming part of
marketing processes to enhance speed in content
generation,  personalization, and  performance
optimization. Structured input data, such as customer
insights, brand guidelines, product metadata, and
campaign goals, are generally used to train generative Al
models to create variations of visual, textual, or
multimedia content at scale and speed that radically
alters the conventional production process of creative
products (Rao & Verweij, 2024; Brown et al., 2020).

After the content is created, it is transferred to
the execution phase, during which chosen assets are
delivered through digital channels, including social
media and programmatic advertisements, email, and
custom websites, which are significantly more relevant
and better engaged (Davenport et al., 2020; Yazdani et
al., 2023).

Importantly, it is not a unidirectional pipeline,
and the feedback loops based on contexts are constantly
used to gather real-time data on engagement (including
click-through rates, heat maps, and A/B tests), which is
used to adjust the original inputs or model prompts. This
is an endless cycle of creation, deployment,
measurement and learning that enables continuous
adaptation and optimization, which is the fundamental
principle of agile, data-driven marketing that establishes
an endless conversation between human strategy and
machine efficiency (Patel & Choi, 2021; Paschen et al.,
2020).

Al-Enabled Marketing Process Flow

Input Data Generative

| Execution I

Context-Based
Feedback Loop

—

Figure 2: Closed-loop Generative AI Framework of Marketing Automation

Figure 2: Al-Based Marketing Process Flow
demonstrating how the implementation of generative Al

in marketing operations works by creating a feedback
loop based on the situational context.
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The Future of Visual Marketing

The future of visual marketing is being
transformed by the fast development of generative Al,
multimodal learning systems, and data-driven
personalization. With the transition of digital ecosystems
to algorithmically adaptive conditions, brands are no
longer static visuals but dynamic and constantly
changing content, which changes in real time based on
user behavior, preferences, and context. This is not just a
technological shift, but a redefinition of the way in which
the brands think about creativity, the way in which they
evaluate performance, and how they establish long-term
relationships with audiences. According to research
studies, Al-increased visual communication is turning
out to be a strategic capability core of competitive
marketing that provides unprecedented speed, diversity,
and personalization of content creation (Rao & Verweij,
2024).

One of the forces is the automation of content
generation. The advanced diffusion and transformer-
based models reduce the duration and the cost of creating
high-quality visual content. They enable marketers to
develop many ideas such as product images and brand
aesthetics in a few seconds. This pace allows marketers
to experiment in real-time, run fast A/B tests, and
constantly optimize content depending on the data,
which is in line with the contemporary agile approach to
digital marketing. This change is justified by some
studies; Rao and Verweij (2024) argue that generative Al
tools are inherently faster in the creative process, which
enables quick ideation and optimization of work on
marketing channels, which is a central need of agile
process. Furthermore, studies have demonstrated that
these innovative cycles of Al-supported iterative
operations can propel performance in campaigns because
of the opportunity to adapt to user remarks and fresh
trends in real-time (Davenport ef al., 2020; Patel & Choi,
2021).

Meanwhile, visual marketing is getting
increasingly immersive and interactive. The new
technology in generative video, synthetic environments,
and multimodal platforms allows brands to leverage Al-
generated product demos, virtual try-on features, spatial
media as well as adaptive storytelling which changes
once the user interacts. These technologies facilitate a
transition to experiential and personalized visual worlds,
which is known to increase the level of emotional
engagement, relevance and purchase intentions,
particularly in digital-native consumers (Patel and Choi,
2021).

Nonetheless, the increasing adoption of
synthetic media is associated with complicated ethical,
strategic, and governance issues. The more Al-created
images become viral on the Internet, the more difficult it
becomes to distinguish between genuine and fake
content. Experts recommend that unregulated generative
media would lead to loss of trust, misinformation and

even brand authenticity destruction (Diakopoulos, 2018;
Westerlund, 2020). Therefore, the majority of
organizations are adopting hybrid creative systems that
use Al variation under human control, cultural
sensitivity, and ethical critique. This mixed-method
strategy makes the process more responsible and does
not compromise the quality of the brand message
(Westerlund, 2020).

The other significant aspect is the role of
human-AlI collaboration, which is changing. Al is not
replacing marketers and designers but changing them to
be strategic orchestrators of generative systems. Their
work now includes the curation of machine output, the
development of useful prompts, the assessment of
cultural and contextual fit, and the combination of
algorithmic possibilities and brand stories and customer
insights. The studies have always demonstrated that
human creativity, which is founded on emotional
intelligence, symbolic interpretation, and cultural
awareness, remains more effective than algorithms in the
domain that requires nuance, empathy, and storytelling
(Patel & Choi, 2021). Companies that form teams able to
operate in such a collaborative environment will be more
likely to generate convincing, culturally competent high-
volume visual content.

In the future, convergence of creativity, data
and algorithmic intelligence will define visual
marketing. Generative systems will broaden the aesthetic
options and enable brands to develop more versatile,
responsive and individualized visual experiences to
global communities. Having a sustainable competitive
advantage will not only be achieved through embracing
technology but also through leaders who will integrate
human judgment and machine-based innovation.
Modern companies combining automation and
authenticity, scalability and meaning, efficiency and
ethical responsibility will lead the new visual
communication and consumer interaction era.

Conceptual Model: Human-Al Co-Creation in Visual
Content Marketing.
Components
1. Input Layer
e  Human Inputs:
o Strategic intent
o  Cultural knowledge
o Ethical judgment
o Brand identity
o Narrative direction
e Al Inputs:
o Training data
o Diffusion and transformers, generative models.
o  Prompt interpretation
o Pattern synthesis

© 2026 | Published by Scholars Middle East Publishers, Dubai, United Arab Emirates 25



Olawale C. Olawore ef al, Saudi J Econ Fin, Jan, 2026; 10(1): 16-30

2. Co-Creation Process

e Aesthetic experimentation

Where human and machine partakes have been e  Multiple platform adaptive content.
combined:
e Al produces visual variations, concepts and 4. Moderating Factors
styles. These affect the effectiveness of the system:
e Humans assess, perfect, sieve and put into e Consumer expectations
perspective. e  Cultural context
e The feedback loops inform additional e FEthical frameworks
generation of Al e  Organizational capability
e  Transparency and trust

This results in a hybrid creative work neither fully human

nor fully machine-created.

3. Output Layer (Visual Content)
Outputs include:
e  Personalized visual assets
e Brand-consistent imagery
e High-volume content sets

5. Marketing Outcomes
The model predicts the following results:
e Increased engagement
e  Visual relevance
e  Enhanced personalization
e Creative efficiency
e  Stronger brand differentiation

Human-Al Co-Creation Model for Visual Content Marketing

4 A
Input Layer 4

Human inputs
« Strategic
intent

e Cultural
knowledge

¢ Ethical
judgment

e Brand identity

* Narrative

N

\ ( A

Output Layer
(Visual content)

Co-Creation
Process (Human-Al

Increased
engagement

Al generates visual variations, .
concepts and styles

Humans evaluate, filter 3 | * Visual relevance

and refine outputs ¢ Enhanced
Humans add context, personalization
narrative and brand framing e Creative

Human feedback informs new efficiency

prompts and model settings « Stronger brand

P differentiation

direction

J L .

¢ Consumer expectations
e Cultural context

¢ Othical frameworks
.

-
Moderating factors

* Cultural context e Ethical frameworks * Marketing

e Organizatonal * Transparency & trust outcomes

capability

Figure 3: Co-Creation Model of Human-AlI in visual content marketing.

Figure 3: This model demonstrates that human
and Al input may be combined in a co-creative process,
in which human components such as strategy, culture,
and narrative direction are combined with Al generative
abilities to build visual content. It is an iterative process
that is moderated by the key factors like ethics, consumer
expectations, and organizational capacity, which
ultimately lead to such outcomes as personalization,
engagement, and brand differentiation.

CONCLUSION

Visual communication and creative practice are
changing due to the rapid development of generative Al.
Al in marketing, design, and arts is no longer a passive
instrument but an active content generator: accelerating
the process, increasing creativity, and allowing new
visual representations. These technologies become most
useful in combination with human judgment, insight, and
imagination. The abilities of humans to interpret, narrate,
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feel emotionally and comprehend culture are their strong
capabilities, which are complemented by the strengths of
Al: speed, scale, and variation.

The history of the development of visual
marketing reflects the extent to which these systems
reshape modern communication. With the digitization of
the world and the growing pressure of consumers,
increasingly more brands rely on Al-driven workflows to
create compelling, personalized and context-relevant
visual content. New forms of engagement with the
diverse audiences through platforms are established with
generative media, adaptive storytelling tools, and
automated design systems. In this new environment, the
partnership between human beings and intelligent
systems is not only a creative possibility, but a strategic
need.

Meanwhile, the implementation of Al in the
creative process poses some important questions
concerning the authorship, authenticity, and artistic
intention. Images created by Al have the potential to be
novel and aesthetically consistent, though they do not
have the experiential quality, emotional continuity, and
cultural foundation that define human creativity. These
disparities highlight the need to have accountable
governance, effective transparency, and high ethical
consciousness as Al continues to be more closely
integrated into the daily design and marketing practice.

In the future, visual communication is going to
be influenced by hybrid creative systems in which human
skill and machine intelligence seamlessly collaborate.
Those designers, marketers, and artists who adopt this
collaboration will be in a better position to create
dynamic, customized, and substantial content. The
strategic value of generative Al in the long term is not
creativity automation, but the increase in human
potential, the expansion of conceptual, aesthetic, and
operational horizons of visual practice.

With the development of generative
technologies, the most prosperous companies will
integrate technology with human intuition, moral
accountability, and cultural intelligence. This
equilibrium will render the next stage of visual marketing
and creative expression more flexible, creative, and
receptive than ever.

Way Forward

The increased use of generative Al in creative
and marketing spaces is a huge opportunity, yet its
implementation must be carefully planned and
designed. Companies have to develop processes that
combine machine-based variation with human
interpretation, so that speed and efficiency provided by
Al does not affect cultural sensitivity, brand authenticity,
and creative integrity. They ought to put down explicit
internal rules regarding Al-generated content curation,
review and disclosure, particularly with synthetic media

becoming increasingly prevalent in consumer-facing
platforms.

The creative and marketing teams will also
require systematic chances to acquire fresh capabilities
like timely engineering, model steering, and critical
analysis of Al outputs, ethical analysis, and cross-modal
creative reasoning. The skills also enable practitioners to
work well with Al systems rather than responding to
them.In addition to efficiency in operations,
organizations must see generative Al as an engine of
experimentation - to support new aesthetic directions,
dynamic ways of telling stories, and data-driven visual
approaches. Finally, the most prosperous organizations
will incorporate Al into their creative ecosystems in a
way that is considered successful and responsible.
Through technological competence and human
judgment, ethical supervision and allegiance to cultural
relevance, they will be able to open up more profound a
and adaptive visual communication and still establish
trust and connection.

This paper provides valuable lessons to brand
strategists, marketers, and creative directors who find
themselves in the rising power of generative Al. First, it
demonstrates that by adopting hybrid workflows, which
allow Al to contribute to the rapidity of content creation
and diversity of creative efforts, organizations can
increase the speed of their content and creative variety,
with human supervision assuring their strategic
precision, ethical accountability, and storytelling
integrity.

Second, the results highlight the need to create
new creative skills, such as prompt design, multimodal
thinking, critical analysis of outputs, and Al-assisted
duration. An investment in up skilling these areas will
prepare the teams to utilize the generative technologies
to gain a competitive edge.

Third, the emergence of the synthetic content
necessitates ~ governance. Internal  policies  of
transparency, quality control, copyright control, and
cultural sensitivity will be made clear and protect brand
credibility and consumer trust. Trust will become a more
strategic differentiator as Al-generated media gains more
and more ground in the digital ecosystems.

Lastly, such insights can assist practitioners to
understand where generative Al can be applied and
where human experience is still needed. Explaining this
separation of labor helps in better resource distribution,
the choice of team structures, and long-term content
strategy. With a careful and responsible integration of
Al, organizations will be able to access novel creative
opportunities without betraying the authenticity and
deliberateness that characterize successful visual
communication.
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Theoretical Contributions

This paper makes some significant theoretical
contributions  to  content  marketing,  digital
communication, and computational creativity. First, it
transforms creative production within marketing to a
hybrid human-Al ecosystem and leaves behind the
perspectives that perceive creativity as a human domain.
The paper contributes to a model of distributed creativity
by presupposing the interaction between human
intentionality and algorithmic generation, as well as
iterative feedback, which contributes to the existing
theories of authorship, originality, and visual
communication.

Second, it develops the visual marketing theory
by demonstrating how generative Al can change the
processes of persuasion, including attention, emotional
appeal, and personalization. The pace and fluctuating
nature of Al-generated media undermine traditional
beliefs about the design of messages, consumer
processing of visual messages, and aesthetic strategy in
the rapidly changing digital environment. This change
demands a refocusing of theoretical models that describe
visual impact in modern marketing.

Third, it brings up authenticity and value
arguments in synthetic media. Even though Al images
can be perceived as novel and stylistically consistent,
their interpretation is a subject of human perception,
contextual background, and experiential insights. The
paper provides a more refined conceptual basis of
studying artistic, cultural, and commercial values in
generative environments by separating algorithmic
originality and interpretive authenticity.

Lastly, the paper incorporates perspectives of
marketing, design research, philosophy of technology,
and Al literature in order to present a comprehensive
approach to the study of hyper-personalized visual
communication. This cross-functional synthesis provides
the basis of future studies that addresses the gaps
between creativity and technological innovation, and the
behavior of consumers.

Limitations of the Study

This is a conceptual analysis paper: it
summarizes the available theories and recent technology
advances rather than empirically reporting new data.
including controlled experiments of consumer
perceptions and longitudinal field studies of
organizational adoption, would give more serious
credence to the assertions made in this paper. Since
generative Al technologies change quickly, some of the
things that have been observed might need improvement
as more advanced systems are introduced. Lastly, despite
the global nature of generative Al, this paper does not
consider cultural or demographic differences in the
interpretation of Al-generated images, which is a
valuable direction in future research.

Directions for Future Research

To extend the concepts of this paper, there are a
number of research directions that are worth being
explored further. Future studies are needed to understand
the impacts of the ongoing exposure to Al-generated
images on trust and authenticity perceptions as well as
emotional engagement across different demographic and
cultural groups. Experts can also study the brain and
behavior underlying human-Al co-created products,
which can illuminate the development of creative
intentions and decision-making when people work with
generative systems.

The necessity to conduct interdisciplinary
studies in the area of governance, transparency, and
ethical practices associated with synthetic media is
increasing, especially due to the increasing integration of
Al-generated content into marketing and communication
space. Lastly, researchers need to investigate the
economic and organizational consequences of generative
technologies and the impact on creative labor markets,
workflow configurations, and the performance of firms
in the long term.
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