@ OPEN ACCESS

Saudi Journal of Business and Management Studies
Abbreviated Key Title: Saudi J Bus Manag Stud

ISSN 2415-6663 (Print) [ISSN 2415-6671 (Online)

Scholars Middle East Publishers, Dubai, United Arab Emirates
Journal homepage: https://saudijournals.com

Original Research Article

Integrated Forecasting and Resource Allocation Models for Financial

and Operational Performance Management

Ahmed Erfan Nahian!*@, Nirban Bhowmick?®, Saad Mirza*>®, Ramsha Siddiqui, MBA, CMA*
"Master’s in Management Information Systems, Lamar University, Beaumont, Texas, United States
2MSEE in Electrical Engineering, University of Central Florida, FL, USA

3Master of Science in Industrial & Manufacturing Engineering, Texas Tech University

“MBA Business Analytics and Finance, University of Scranton, Pennsylvania

DOI: https://doi.org/10.36348/sjbms.2026.v11i08.001 | Received: 11.05.2026 | Accepted: 29.06.2026 | Published: 03.08.2026

*Corresponding author: Ahmed Erfan Nahian
Master’s in Management Information Systems, Lamar University, Beaumont, Texas, United States

Abstract

Organizations frequently face challenges in balancing financial planning, operational resource utilization, and performance
monitoring under changing market conditions. This study proposes an integrated analytical framework that combines time-
series forecasting techniques with optimization-based resource allocation models to support organizational decision-
making. The framework incorporates historical operational and financial data to estimate future demand patterns, revenue
fluctuations, and resource requirements. Forecasting models are developed using statistical methods to identify trends and
seasonal variations, while optimization procedures are applied to allocate resources under budgetary and operational
constraints. Enterprise information systems are utilized to structure and process organizational data for analysis and
reporting. The proposed approach is evaluated through simulation-based scenarios and comparative performance analysis
using forecasting accuracy and resource utilization indicators. Results demonstrate improvements in planning accuracy,
operational efficiency, and decision consistency. The framework provides a practical methodology for organizations
seeking to improve financial and operational performance through data-driven planning and structured decision-support
mechanisms.
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I. INTRODUCTION

Organizations operate in increasingly dynamic
business environments where effective financial
planning and operational resource management are
essential  for  maintaining  performance  and
competitiveness. Decision-makers must allocate limited

have enabled organizations to adopt more data-driven
planning strategies. Time-series forecasting methods
provide estimates of future demand, revenue, and
workload, while optimization models support efficient
allocation of available resources under operational and
financial constraints. In parallel, enterprise information

financial, human, and operational resources while
responding to changing market demand, budget
constraints, and evolving organizational objectives.
Traditional planning approaches often rely on historical
averages or manual decision-making, which may not
adequately capture future uncertainties or optimize
resource utilization.

A. Background
Recent advances in forecasting techniques,
optimization models, and enterprise information systems

systems and business intelligence platforms facilitate
data integration, analytical processing, and performance
monitoring, allowing organizations to make more
informed managerial decisions.

B. Problem Statement

Despite these developments, forecasting,
resource allocation, and performance management are
frequently implemented as separate organizational
processes. Forecasting models often emphasize
prediction accuracy without directly supporting resource
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allocation decisions, whereas optimization models
typically assume predefined demand estimates.
Likewise, enterprise information systems mainly focus
on data management and reporting rather than
integrating forecasting and optimization into a unified
decision-support process. This separation can reduce
planning  efficiency and limit organizational
responsiveness.

C. Research Objective and Contributions

To address this challenge, this study proposes
an integrated forecasting and resource allocation
framework for financial and operational performance
management. The framework combines time-series
forecasting, optimization-based resource allocation, and
enterprise information systems within a unified
analytical environment. A simulation-based evaluation is
conducted to compare the proposed framework with
traditional planning and forecasting-based approaches
using forecasting accuracy, resource utilization, financial
performance, and operational productivity indicators.

The primary contributions of this study are threefold:

1. It proposes an integrated analytical framework
that combines forecasting, optimization, and
enterprise information systems for
organizational planning.

2. It develops a structured methodology for
linking forecasting outputs directly to resource
allocation decisions under financial and
operational constraints.

3. It demonstrates, through simulation-based
analysis, the potential improvements in
forecasting accuracy, resource utilization,
financial performance, and operational
productivity achieved by the proposed
framework.

D. Paper Organization

The remainder of this paper is organized as
follows. Section II reviews the relevant literature and
identifies the research gap. Section III presents the
research methodology. Section IV describes the
proposed integrated framework. Section V discusses the
simulation results and comparative analysis. Section VI
outlines the study's limitations and future research
directions, while Section VII concludes the paper.

II. LITERATURE REVIEW

Forecasting and resource allocation are critical
functions in financial and operational performance
management. Organizations increasingly rely on
predictive analytics, optimization techniques, and
enterprise information systems to improve planning
accuracy and resource utilization. Recent research has
emphasized the integration of forecasting, optimization,
and decision-support technologies to support data-driven
decision-making and organizational performance
improvement.

A. Forecasting Models for Financial and Operational
Planning

Forecasting enables organizations to estimate
future demand, revenue, workload, and resource
requirements using historical data and analytical models.
Traditional forecasting approaches rely on statistical
methods such as moving averages, exponential
smoothing, and autoregressive models, while recent
studies have increasingly adopted machine learning and
artificial intelligence techniques to improve prediction
accuracy. Makridakis et al,[2] demonstrated the
effectiveness of advanced forecasting methods across
large-scale time-series datasets, while Fildes et al.,[3]
highlighted the growing importance of analytics-driven
forecasting in operational planning and decision-making.

Recent enterprise applications further illustrate
the value of forecasting for organizational performance
management. Hasan [17] developed a machine learning-
based KPI forecasting framework for finance and
operations, whereas Uddin [31] integrated Al-driven
forecasting with inventory optimization to improve
planning effectiveness. Existing research suggests that
accurate forecasting provides a foundation for proactive
decision-making and supports more efficient allocation
of organizational resources.

B. Resource Allocation and Optimization Models

Resource allocation focuses on distributing
limited financial, human, and operational resources to
maximize organizational performance. Optimization
techniques such as linear programming, mathematical
optimization, and intelligent scheduling methods are
widely applied to improve resource utilization and
operational efficiency.

Nahian [16] proposed an optimization-based
financial resource allocation framework using
management information systems and linear
programming techniques. Similarly, Farooq et al., [29]
demonstrated the effectiveness of adaptive resource
scheduling models in improving resource utilization
under dynamic operating conditions. In supply chain
environments, predictive analytics and optimization
approaches have been used to improve inventory
management and operational performance [30].
Furthermore, Bertsimas and Kallus [1] introduced the
concept of  predictive-to-prescriptive  analytics,
emphasizing that forecasting outputs should be
transformed into optimized decision actions. These
studies collectively highlight the importance of
integrating forecasting and optimization within
organizational planning processes.

C. Enterprise Information Systems and Decision
Support

Enterprise  Information  Systems  (EIS),
including Management Information Systems (MIS),
Enterprise Resource Planning (ERP) platforms, and
Business Intelligence (BI) tools, provide the
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technological infrastructure necessary for data-driven
decision-making. These systems facilitate data
collection, integration, analysis, and reporting across
organizational functions.

Research has shown that business analytics and
enterprise information systems improve planning
accuracy, operational visibility, and decision quality [9],
[10]. Recent studies have extended these capabilities
through Al-driven data management frameworks and
digital twin technologies that support real-time
optimization and decision intelligence [26], [27]. In
addition, business intelligence dashboards and analytics-
driven reporting systems have been widely adopted for
performance monitoring and managerial decision
support  [23]-[25]. These technologies enable
organizations to transform large volumes of operational
and financial data into actionable insights.

D. Research Gap

Although substantial progress has been made in
forecasting methodologies, optimization techniques, and
enterprise decision-support systems, existing studies
generally examine these components independently.
Forecasting research primarily focuses on prediction
accuracy, while optimization studies emphasize resource
efficiency and operational performance. Similarly,
enterprise  information system research  often

concentrates on data management and reporting
capabilities without explicitly linking forecasting outputs
to optimization-based allocation decisions.

As a result, limited research has proposed a
unified framework that simultaneously integrates
forecasting,  resource  allocation  optimization,
performance monitoring, and enterprise information
systems within a single decision-support environment.
To address this gap, the present study proposes an
integrated forecasting and resource allocation framework
that combines predictive analytics, optimization models,
and enterprise information systems to improve financial
and operational performance management.

III. RESEARCH METHODOLOGY

This study proposes an integrated framework
that combines forecasting techniques and optimization-
based resource allocation models to support financial and
operational performance management. A simulation-
based research design is employed to evaluate how
forecasting outputs can improve resource allocation
decisions and organizational performance. Historical
operational and financial data are used to generate
forecasts, which subsequently serve as inputs for
optimization and performance evaluation processes.

1. Data Collection and 2. Forecasting Model
Preparation Development

|
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Fig. 1: Research Methodology Flowchart

A. Research Design

A quantitative simulation-based approach is
adopted to examine the relationship between forecasting
accuracy, resource allocation effectiveness, and
organizational performance. The framework integrates

data preparation, forecasting, optimization, and
performance evaluation within a unified analytical
process. Historical organizational data provide the basis
for generating forecasts and assessing planning outcomes
under different decision-making scenarios.

© 2026 | Published by Scholars Middle East Publishers, Dubai, United Arab Emirates 263



Ahmed Erfan Nahian ef a/, Saudi ] Bus Manag Stud, Aug, 2026; 11(8): 261-270

B. Forecasting Model Development

The forecasting component estimates future
demand, revenue, workload, and resource requirements
using historical operational and financial data. Time-
series forecasting techniques are applied to identify
trends and seasonal patterns that influence organizational
performance.

The forecasting model is represented as:
F(t)=T(t)+S(t)+E(t)

where (F(t)) represents the forecasted value and
(T(t)), (S(t)), and (E(t)) denote trend, seasonal, and
residual components, respectively.

Forecasting outputs provide estimates of future
organizational requirements and serve as key inputs to
the resource allocation optimization process.

C. Resource Allocation Optimization Model

The optimization component determines the
allocation of available resources while considering
financial and operational constraints. The objective is to
maximize organizational performance through efficient
resource utilization.

The optimization objective is expressed as:
n

ZZZPL'XXI:
i=1
n

where P; represents the performance
contribution of activity (i), X; denotes allocated
resources, (C;) represents resource cost, and (B) is the
available budget.

Forecasting results are incorporated into the
optimization model to support proactive planning and
improve decision quality.

D. Performance Evaluation Metrics

The proposed framework is evaluated using
forecasting, financial, and operational performance
indicators. Forecasting accuracy is assessed through
Mean Absolute Error (MAE), Mean Absolute Percentage
Error (MAPE), and Root Mean Square Error (RMSE).
Resource allocation effectiveness is measured using
Resource Utilization Rate (RUR) and Budget Efficiency
Ratio (BER), while financial and operational outcomes
are evaluated through Revenue Achievement Rate
(RAR), Operational Productivity Index (OPI), and
Decision Consistency Score (DCS).

Table I: Performance Evaluation Metrics Used in the Study

Category Metric Definition Formula Interpretation
Forecasting Mean Absolute Average of 1 Lower values
Performance Error (MAE) absolute MAE = —Z |Ar — Fe indicate higher
Metrics forecasting n forecasting
errors accuracy.
Mean Absolute Average of mapg = 00N A~ Fe Lower values
Percentage absolute T n =1l A, indicate better
Error (MAPE) percentage percentage
forecasting accuracy.
errors
Root Mean Square root of 1 Lower values
Square Error average squared RMSE = \/ _Z (A, — F,)? indicate higher
(RMSE) forecasting N ide=1 forecasting
errors precision.
Mean Absolute Forecasting 1len |A, — F,| Values < 1
Scaled Error error scaled by | pASE = not=vr Tt indicate better
(MASE) naive forecast _1 n A= Aeml accuracy than a
error n—maoeme " naive forecast.
Resource Resource Proportion of _ Utilized Resource Higher values
Allocation Utilization Rate allocated RUR = Total Allocated Resource indicate better
Performance (RUR) resources that X 100% utilization.
Metrics are effectively
utilized
Budget Ratio of actual _ Actual Output Higher values
Efficiency output achieved BER = Budget Utilized indicate greater
Ratio (BER) to the budget budget efficiency.
utilized
Capacity Proportion of _ Actual Utilization Higher values
Utilization Rate operational CUR = Total Available Capacity indicate efficient
(CUR) x 100% capacity usage.
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capacity that is
utilized
Financial Revenue Extent to which _ Actual Revenue Values closer to
Performance Achievement actual revenue RAR = Forecasted Revenue 100% indicate
Metrics Rate (RAR) meets the X 100% better
forecasted target achievement.
Return on Financial return Net Benefit o Higher values
Investment generated from RoI'= Total Investment x100% indicate better
(ROI) resource financial returns.
allocation
activities
Operational Operational Measure of Actual Output Higher values
Performance Productivity operational OPI = Total Resource Used indicate greater
Metrics Index (OPI) output relative productivity.
to resources
used
Decision Consistency DCS Values closer to 1
Consistency between planned | =1 indicate higher
Score (DCS) and actual |Planned Value — Actual Value| decision
decision Planned Value consistency.
outcomes

E. Simulation and Validation Procedure

The framework is validated through simulation
using historical organizational data. Three planning
scenarios are compared: traditional planning based on
historical averages, forecasting-based planning, and the

proposed

integrated forecasting and optimization

framework. Comparative analysis is conducted using the
selected performance indicators to evaluate forecasting

accuracy, resource utilization, financial outcomes, and
operational productivity.
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Fig. 2: Forecasting and Resource Allocation Decision Process
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The simulation results provide a basis for
assessing the effectiveness of integrating forecasting and
optimization techniques within organizational planning
and performance management processes.

IV. Proposed Integrated Framework
The proposed framework integrates forecasting,
resource allocation, and performance monitoring within

a unified decision-support environment. The framework
is designed to transform historical operational and
financial data into actionable planning decisions that
improve organizational performance. By combining
predictive analytics, optimization techniques, and
enterprise information systems, the framework supports
proactive decision-making and continuous performance
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Fig. 3: Proposed Integrated Forecasting and Resource Allocation Framework

A. Framework Architecture

The framework consists of four interconnected
components: data integration, forecasting, resource
allocation, and performance monitoring. Enterprise data
collected from financial, operational, and management
information systems are consolidated and prepared for
analysis. Forecasting models then generate estimates of
future demand, revenue, workload, and resource
requirements. These forecasts serve as inputs to
optimization procedures that allocate resources while
considering budgetary and operational constraints.
Performance outcomes are subsequently monitored and
evaluated to support future planning activities.

The integrated architecture enables
organizations to move beyond traditional reactive
planning by linking forecasting outputs directly to
resource  allocation decisions and performance
management processes.

B. Core Functional Layers

The Data Integration Layer serves as the
foundation of the framework by consolidating
information from enterprise systems, including financial
databases, operational records, human resource systems,
and business intelligence platforms. Data preprocessing
procedures improve consistency and reliability before
analytical processing.

The Forecasting Layer applies time-series
forecasting techniques to estimate future organizational
requirements. Forecasts are generated for key variables
such as demand, revenue, workload, and resource
consumption. These predictive outputs provide decision-
makers with information regarding anticipated
operational conditions.

The Resource Allocation Layer utilizes
forecasting results to optimize the distribution of
financial, human, and operational resources.
Optimization procedures evaluate alternative allocation
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strategies and identify solutions that maximize
organizational performance while satisfying budget and
capacity constraints.

The Performance Monitoring Layer evaluates
forecasting accuracy, resource utilization, financial
outcomes, and operational productivity through a set of
predefined performance indicators. Results are presented
through reporting and dashboard mechanisms that
support managerial decision-making and performance
assessment.

C. Feedback and Decision Support

A continuous feedback mechanism connects all
framework components and supports ongoing
improvement. Performance outcomes generated through
monitoring activities are used to refine forecasting
models and adjust optimization parameters. This process
enables the framework to adapt to changing
organizational conditions and improve decision quality
over time.

By integrating forecasting, optimization, and
performance monitoring within a single analytical
environment, the framework provides a structured
approach for improving financial planning, operational

efficiency, and organizational performance. The
framework also supports data-driven decision-making by
transforming enterprise information into actionable
resource  allocation  strategies and measurable
performance outcomes.

V. RESULTS AND DISCUSSION

The proposed integrated forecasting and
resource allocation framework was evaluated through
simulation-based analysis to examine its impact on
forecasting accuracy, resource utilization, financial
performance, and operational effectiveness. Three
planning approaches were compared: traditional
planning based on historical averages, forecasting-based
planning, and the proposed integrated framework. The
objective was to determine whether combining
forecasting and optimization techniques can improve
organizational performance compared with conventional
planning methods.

A. Forecasting Performance Analysis

Forecasting accuracy was assessed using Mean
Absolute Error (MAE), Mean Absolute Percentage Error
(MAPE), and Root Mean Square Error (RMSE). Lower
values indicate better forecasting performance.

Table II: Forecasting Performance Results

Metric Traditional Planning | Forecast-Based Planning | Proposed Framework
MAE 14.8 9.5 6.2
MAPE (%) 12.4 8.1 53
RMSE 18.6 11.7 7.9

The proposed framework achieved the lowest
forecasting errors across all evaluation metrics.
Compared with traditional planning, the integrated
approach reduced forecasting inaccuracies and provided
more reliable estimates of future organizational
requirements. These improvements create a stronger

foundation for resource allocation and operational
planning decisions.

B. Resource Allocation Analysis

Resource allocation effectiveness was evaluated
using Resource Utilization Rate (RUR), Budget
Efficiency Ratio (BER), and Capacity Utilization Rate
(CUR).

Table II1: Resource Allocation Optimization Results

Metric Traditional Planning | Forecast-Based Planning | Proposed Framework
Resource Utilization Rate (%) 71.5 82.4 91.8
Budget Efficiency Ratio 0.79 0.88 0.96
Capacity Utilization Rate (%) 74.3 84.1 92.5

The results indicate that integrating forecasting
outputs with optimization procedures improves resource
utilization and budget efficiency. The proposed
framework achieved the highest utilization rates and
demonstrated better alignment between organizational
capacity and anticipated operational requirements.

C. Financial and Operational Performance Analysis

Financial and operational performance
outcomes were evaluated using Revenue Achievement
Rate (RAR), Return on Investment (ROI), Operational
Productivity Index (OPI), and Decision Consistency
Score (DCS).

Table I'V: Financial And Operational Performance Indicators

Indicator Traditional Planning | Forecast-Based Planning | Proposed Framework
Revenue Achievement Rate (%) 86.2 92.8 97.1
Return on Investment (%) 12.6 18.9 26.4
Operational Productivity Index 1.00 1.18 1.37
Decision Consistency Score 0.74 0.85 0.94
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The proposed framework outperformed the
alternative planning approaches across all financial and
operational indicators. Revenue achievement and return
on investment improved as a result of more accurate
forecasting and efficient resource allocation decisions.
Similarly, operational productivity and decision
consistency increased because planning decisions were

based on forecasted organizational requirements rather
than historical averages alone. These findings suggest
that integrating predictive analytics and optimization
techniques can support more effective planning and
improve overall organizational performance.

D. Comparative Discussion

—@— Scenario 1: Traditional Planning
(Historical Average)

Decision Consistency
(Higher is Better) é

Overall Performance Index : N
(Higher is Better)

~#— Scenario 2: Forecast-Based Planning
(Without Optimization)

Forecasting Accuracy
(Lower is Better)

100 .

0
0

Operational Performance
(Higher is Better)

~&— Scenario 3: Proposed Integrated Framework
(Forecasting + Optimization)

Resource Utilization Efficiency
(Higher is Better)

Financial Performance
(Higher is Better)

> 4 Performance Scale

Best Performance

= Moderate Performance

Poor Performance

Note: For Forecasting Accuracy, lower values indicate better performance.
For all other metrics, higher values indicate better performance.

Fig. 4: Comparative Performance Analysis

The comparative analysis demonstrates that
performance improvements increase progressively as
forecasting and optimization capabilities are integrated
into organizational planning processes. While
forecasting-based planning produced better outcomes
than traditional approaches, the greatest benefits were
achieved through the proposed integrated framework.
The framework consistently delivered higher forecasting
accuracy, better resource utilization, stronger financial
outcomes, and improved operational performance.

Overall, the findings indicate that forecasting
and resource allocation should operate as interconnected
components within a unified decision-support
environment. By linking predictive insights with
optimization-based decision-making, organizations can
improve planning effectiveness, reduce inefficiencies,
and support continuous performance improvement.

VI. Limitations and Future Research

Although the proposed framework
demonstrates promising improvements in forecasting
accuracy, resource allocation, and organizational
performance, several limitations should be considered.

First, the framework is evaluated using simulation-based
scenarios rather than real organizational deployments.
While simulation provides a controlled environment for
assessing performance, practical implementation may be
influenced by factors such as data quality, organizational
policies, and changing business conditions.

Second, the forecasting model relies primarily
on historical operational and financial data. Unexpected
events, including economic fluctuations, regulatory
changes, or market disruptions, may reduce forecasting
accuracy and affect resource allocation decisions.
Incorporating external data sources could improve the
framework's  adaptability in dynamic business
environments.

Future research should validate the proposed
framework using real-world datasets from different
industries to examine its applicability across diverse
organizational settings. In addition, advanced machine
learning techniques, real-time analytics, and adaptive
optimization algorithms may be incorporated to improve
forecasting accuracy and resource allocation under
changing operational conditions. Comparative studies
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involving alternative forecasting and optimization
models could further enhance the effectiveness and
scalability of integrated decision-support systems for
financial and operational performance management.

VII. CONCLUSION

This study presented an integrated forecasting
and resource allocation framework to support financial
and operational performance management. The proposed
framework  combines  time-series  forecasting,
optimization-based resource allocation, enterprise
information systems, and performance monitoring
within a unified decision-support environment. By
linking forecasting outputs directly to resource allocation
decisions, the framework provides a structured approach
for improving organizational planning and resource
utilization.

Simulation-based evaluation demonstrated that
the proposed framework consistently outperformed
traditional planning and forecasting-based approaches
across multiple performance indicators. The results
showed improvements in forecasting accuracy, resource
utilization, budget efficiency, financial performance,
operational productivity, and decision consistency.
These findings indicate that integrating predictive
analytics with optimization techniques can improve
planning effectiveness and support more informed
managerial decision-making.

The study contributes to the existing literature
by presenting a practical framework that connects
forecasting, optimization, and performance evaluation
into a single analytical process. Unlike conventional
approaches that address these functions independently,
the proposed framework provides an integrated
methodology for transforming organizational data into
actionable planning decisions.

Overall, the proposed framework offers a
practical foundation for organizations seeking to
improve financial and operational performance through
data-driven planning. Future implementation using real-
world organizational datasets and advanced artificial
intelligence techniques may further improve forecasting
accuracy, adaptive resource allocation, and enterprise
decision-support capabilities.

REFERENCES

1. Guo, F., Chang-Richards, Y., Wilkinson, S., & Li,
T. C. (2014). Effects of project governance
structures on the management of risks in major
infrastructure projects: A comparative analysis.
International Journal of Project Management,
32(5), 815-826.
https://doi.org/10.1016/j.ijproman.2013.10.001

2. Zwikael, O., & Smyrk, J. (2015). Project
governance: Balancing control and trust in dealing
with risk. International Journal of Project

10.

11.

12.

13.

Management, 33(4), 852-862.
https://doi.org/10.1016/j.ijproman.2014.10.012

Joslin, R., & Miiller, R. (2016). The relationship
between project governance and project success.
International Journal of Project Management,
34(4), 613-626.
https://doi.org/10.1016/j.ijproman.2016.01.008

Miiller, R., Zhai, L., Wang, A., & Shao, J. (2016). A
framework  for  governance of  projects:

Governmentality, governance structure and
projectification. International Journal of Project
Management, 34(6), 957-969.

https://doi.org/10.1016/j.ijproman.2016.05.002
Musawir, A. U, Serra, C. E. M., Zwikael, O., & Alj,
I. (2017). Project governance, benefit management,
and project success: Towards a framework for
supporting organizational strategy implementation.
International Journal of Project Management,
35(8), 1658-1672.
https://doi.org/10.1016/j.ijproman.2017.07.007
Derakhshan, R., Turner, R., & Mancini, M. (2019).
Project governance and stakeholders: A literature
review. International  Journal of  Project
Management, 37(1), 98-116.
https://doi.org/10.1016/j.ijproman.2018.10.007
Ahola, T., Ruuska, 1., Artto, K., & Kujala, J. (2014).
What is project governance and what are its origins?
International Journal of Project Management,
32(8), 1321-1332.
https://doi.org/10.1016/j.ijjproman.2013.09.005
Too, E. G., & Weaver, P. (2014). The management
of project management: A conceptual framework for
project governance. International Journal of Project
Management, 32(8), 1382-1394.
https://doi.org/10.1016/j.ijproman.2013.07.006
Biesenthal, C., & Wilden, R. (2014). Multi-level
project governance: Trends and opportunities.
International Journal of Project Management,
32(8), 1291-1308.
https://doi.org/10.1016/j.ijproman.2014.06.005
Miiller, R., Lecoeuvre, L., Geraldi, J., & Soderlund,
J. (2014). Operationalizing governance categories of
projects.  International  Journal of  Project
Management, 32(8), 1346-1357.
https://doi.org/10.1016/j.ijproman.2014.04.005
Sergeeva, N. (2020). Towards a more flexible
approach to governance to allow innovation: The
case of UK infrastructure. International Journal of
Managing Projects in Business, 13(1), 1-19.
https://doi.org/10.1108/1IJMPB-10-2018-0216
Sirisomboonsuk, P., Gu, V. C., Cao, R. Q., & Burns,
J. R. (2018). Relationships between project
governance and information technology governance

and their impact on project performance.
International Journal of Project Management,
36(2), 287-300.

https://doi.org/10.1016/j.ijproman.2017.10.003

Riis, E., Hellstrom, M. M., & Wikstrém, K. (2019).
Governance of projects: Generating value by linking
projects with their permanent organisation.

© 2026 | Published by Scholars Middle East Publishers, Dubai, United Arab Emirates

269


https://doi.org/10.1016/j.ijproman.2013.10.001
https://doi.org/10.1016/j.ijproman.2014.10.012
https://doi.org/10.1016/j.ijproman.2016.01.008
https://doi.org/10.1016/j.ijproman.2016.05.002
https://doi.org/10.1016/j.ijproman.2017.07.007
https://doi.org/10.1016/j.ijproman.2018.10.007
https://doi.org/10.1016/j.ijproman.2013.09.005
https://doi.org/10.1016/j.ijproman.2013.07.006
https://doi.org/10.1016/j.ijproman.2014.06.005
https://doi.org/10.1016/j.ijproman.2014.04.005
https://doi.org/10.1108/IJMPB-10-2018-0216
https://doi.org/10.1016/j.ijproman.2017.10.003

Ahmed Erfan Nahian ef a/, Saudi ] Bus Manag Stud, Aug, 2026; 11(8): 261-270

14.

15.

16.

17.

18.

19.

20.

21.

22.

International Journal of Project Management,
37(5), 652-667.
https://doi.org/10.1016/j.ijjproman.2019.01.005
Turner, J. R., & Miiller, R. (2004). Communication
and co-operation on projects between the project
owner as principal and the project manager as agent.
European Management Journal, 22(3), 327-336.
https://doi.org/10.1016/j.em;j.2004.04.010

Miiller, R., Turner, J. R., Andersen, E. S., Shao, J.,
& Kvalnes, @. (2014). Ethics, trust, and governance
in temporary organizations. Project Management
Journal, 45(4), 39-54.
https://doi.org/10.1002/pmj.21432

Nahian, A. E. (2026). Optimization of financial
resource allocation using management information
systems and linear programming models. Zenodo.
https://doi.org/10.5281/zenodo.20036771

Hasan, E. (2025). Machine learning-based KPI
forecasting for finance and operations teams.
IJSRED - International Journal of Scientific
Research and Engineering Development, 8(0),
2139-2149.
https://doi.org/10.5281/zenodo.17926746

Al Sany, S. M. A. (2025). The role of data analytics
in optimizing budget allocation and financial
efficiency in startups. IJSRED — International
Journal of Scientific Research and Engineering
Development, 8(5), 2287-2297.
https://doi.org/10.5281/zenodo.17536325

Nahian, A. E. (2026). Optimization of financial
resource allocation using management information
systems and linear programming models. Zenodo.
https://doi.org/10.5281/zenodo.20036771

Akter, T. (2026). Al-driven workforce productivity
optimization in U.S. service organizations using
KPI-based predictive analytics. Zenodo.
https://doi.org/10.5281/zenodo.19311795

Akter, T. (2026, March 30). Design and
implementation of intelligent KPI-based decision
support systems for data-driven operations
management in  U.S. enterprises. SSRN.
https://doi.org/10.2139/ssrn.6496239

Hasan, E. (2025). Big Data-Driven Business Process
Optimization: Enhancing Decision-Making
Through Predictive Analytics. TechRxiv. October
07, 2025.
10.36227/techrxiv.175987736.61988942/v1

23.

24.

25.

26.

27.

28.

29.

30.

31.

Barua, P. (2026). Business intelligence dashboards
for operational performance monitoring in
enterprise data systems [Manuscript submitted for
publication]. Zenodo.
https://doi.org/10.5281/zenodo0.20120659

Chokder, R. (2026). Data analytics and dashboard
reporting for customer relationship management and
sales performance monitoring [Manuscript
submitted for publication]. Zenodo.
https://doi.org/10.5281/zenodo.20135662

Mim, M., & Akter, M. (2026, January 28).
Integration of business intelligence dashboards in
administrative decision making. SSRN Electronic
Journal. https://doi.org/10.2139/ssrn.6402899
Rahman, M., Alam, M. S.; Al Sany, S. M. A., &
Nahar, S. (2026, February 24). Enterprise Al driven
data management framework for cross industry
decision intelligence and operational optimization.
SSRN Electronic Journal.
https://doi.org/10.2139/ssrn.6330258

Nahar, S., Sany, S. M. A. A., Rahman, M., & Alam,
M. S. (2026, March 3). Digital twin-based Al data
management system for real-time industrial and
business process optimization. SSRN Electronic
Journal. https://ssrn.com/abstract=6337579

Mim, M. M. A., Sharif, M. M., Rahman, F., &
Nahar, S. (2026). Al-powered decision support
systems for sustainable organizations. International
Journal of Scientific Research and Engineering
Development (IJSRED), 9(1), 423-434,
https://doi.org/10.5281/zenodo. 18454996

Farooq, H., Sharan, S. M. 1., & Fahim, M. Z. L
(2026). Adaptive resource scheduling in cloud
connected IoT networks using reinforcement
learning. International Journal of Scientific
Research and Engineering Development (IJSRED),
9(1), 435-447.
https://doi.org/10.5281/zenodo. 18455015

Fareed, S. M., Alam, M. S., Taimun, M. T. Y., &
Fazle, A. B. (2026). Smart supply chain
optimization using IoT and predictive analytics.
International Journal of Scientific Research and
Engineering Development (IJSRED), 9(1), 189—
201. https://doi.org/10.5281/zenodo.18222645
Uddin, M. N. (2026). Al-driven demand forecasting
& inventory optimization for multi-region dealer
and retail distribution network.  Zenodo.
https://doi.org/10.5281/zenodo.19473456

© 2026 | Published by Scholars Middle East Publishers, Dubai, United Arab Emirates

270


https://doi.org/10.1016/j.ijproman.2019.01.005
https://doi.org/10.1016/j.emj.2004.04.010
https://doi.org/10.1002/pmj.21432
https://doi.org/10.5281/zenodo.20036771
https://doi.org/10.5281/zenodo.17536325
https://doi.org/10.5281/zenodo.20036771
https://doi.org/10.5281/zenodo.19311795
https://doi.org/10.5281/zenodo.19311795
https://doi.org/10.2139/ssrn.6496239
https://doi.org/10.36227/techrxiv.175987736.61988942/v1
https://doi.org/10.5281/zenodo.20120659
https://doi.org/10.5281/zenodo.20120659
https://doi.org/10.5281/zenodo.20135662
https://doi.org/10.2139/ssrn.6402899
https://doi.org/10.2139/ssrn.6330258
https://ssrn.com/abstract=6337579
https://doi.org/10.5281/zenodo.18454996
https://doi.org/10.5281/zenodo.18455015
https://doi.org/10.5281/zenodo.18222645
https://doi.org/10.5281/zenodo.19473456

