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Abstract Big data is currently a hot topic in HRM and academic research. It is undeniable fact that now a days as more 

and more data is being accumulated and stored, therefore analyzing and using data is becoming more and more 

reasonable. Big data technology use in Talent management is very under researched topic and the discussion mostly spins 

around the usefulness of Dig data in TM field like talent management. In this paper, we have focused on the operational 

side of TM and how to implement big data for Smart E-HRM in Talent management. In this paper we have proposed a 

model for Smart TM system and also reviewed that how Big data may be implemented for a Smart TM system and how 

this system can benefit Talent management in terms of recruitment, promotions and assessment of the employees. In this 

paper we have proposed a Smart TM system in a telecom organization that will consists of several offices belonging to 

the same organization and will be linked through a common server and by using big data technology all the employees 

progress will be analyzed, and by using this data changes will be done immediately in order to solve the crucial issues of 

talent management. We also performed quantitative analysis about this system with the help of unstructured interviews 

from employees working in a telecom organization.   
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INTRODUCTION 

Today we live in era of digital communication 

where user information and their data are ubiquitous [1] 

and everybody collects data either it may be consumer 

related medical related or it may be related to 

management. But a key question arsis that what should 

be done with this important data? What will be its 

importance in terms of Human resource? especially in 

the field of Talent Management. Some people things 

that big data is just another E-HRM system but other 

think of it as a game changer which will take the place 

of professional HRM. There are many theories on 

which we can debate on but in the end we see that big 

data is real and will have a global impact on Talent 

Management. It is therefore very important to deal with 

bid data in TM in form of E-HRM and try to find out its 

usefulness in terms of cost, time saving and efficiency.  

 

In various literature and popular articles and 

on social media sites there is an intense debate on TM 

and its practices and challenges that are faced in many 

organizations [2]. TM is described as a precise 

approach to identification, recruiting, retention and 

development of talents for the benefit of an organization 

[3,4]. In TM basically the organizational needs are 

mostly highlighted. TM is basically used for the 

fulfillment of the organizational needs to contribute for 

the firms profit, performance and sustainability [5, 6].   

 

There is also some hidden risks in using big 

data for E-HRM in TM as this technology in the future 

may eliminate HR department and the department like 

finance department may not need HR department 

anymore and this new technology may have some 

implications [7]. 

 

  The recent developments in web 

technology and day to day use of internet by the people 

for daily use has created huge data in form of 

information  which contains billions of information 

related to companies, industries, academia, movies, 

products and jobs etc. Due to these technology 

advancements there is an increase in online web 

services such as online services for movies as 

NETFILX [8], online job finding and recommender 

sites as LinkedIn [9] and online shopping services like 

eBay and so on. This online service provides us with 

huge amount of user related data according to user 

preferences. As a result of this huge amount of data are 

accumulated over time and creates overloading of data. 

Due to this overloading of data search engines are not 

showing promising results, therefore recommender 

system is the key solution for this overloading of 

information. Job recommender system for talent 

management using big data in the past did not work 

well on big data. So in this paper we have used big data 

with E-HRM system for Talent Management. We have 

proposed a model in which by using big data we will 
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connect several offices belonging to the same telecom 

organization, thus creating a smart recommender 

system for Talent Management.    

 

Moreover Big data is now considered as a tool 

that will influence Talent management in some way or 

the other and will help in utilizing data in order to find 

better and suitable candidates for the job. Recommender 

system is used to find the right candidate for the right 

job without user intervention [10]. An example of this 

type of system is amazon.com, ebay.com and LinkedIn 

have become very popular form the last decade [11,12]. 

Now days a lot of research has been going on smart TM 

system for recruiting young talents and also using this 

system many HR responsibilities can be minimized in 

terms of employee’s management and promotions. 

Practices especially for the job recommender system, E-

recruitment is one of the most popular service used by 

people to find jobs. In the past these systems used very 

small amount of data that was mostly unstructured. 

Now a days we have large amount data that is mostly 

unstructured and heterogeneous as compared to 

structured data, which is now slowly but steadily 

growing at tremendous speed.   

 

In this Paper we have focused on 24 offices of 

the same organization and proposed a smart E-HRM 

system linking all 24 offices and we will see how this 

system will be used for TM practices. This paper is 

comprised of seven sections; Section.1 is about 

introduction and Section.2 is about data extraction 

insight in which we will show how this raw data related 

to employees will be transformed into wisdom. In the 

section related to big data we will explore the different 

stages that are related to collection of different data and 

visualizing intelligence. In section.3 we will discuss 

how Smart TM will use big data platform in order to 

make smart E-HRM decisions for TM. Section.4 

consists of data processing techniques that will be used 

in this TM system. Section.5 consists of our proposed 

model. Section.6 consists of research methodology. 

Section.7 consists of data analysis with the help of 

quantitative analysis. Section.8 consists of hypothesis. 

Section.9 is about Research Involvement and sample 

population. Section 10 deals with data analysis results.  

The paper will conclude in section 11.  

 

RAW DATA ANALYSIS FOR BIG DATA 

Data Stages: 

In order for E-HRM system to be smart it 

should contain the necessary data, knowledge and 

intelligence in order to reach the level of smartness 

[13]. It consists of four data stages which are all 

interlink to each other as shown in table below. 

 

Table.1 Raw data analysis 

User Data User Information Knowledge Intelligence 

Raw data Unstructured data Actioned data Wisdom data 

 

Here the raw data is gathered from the 

employees from the data sources that are linked to them 

in the form of RFID cards and biometric identification 

system. In addition to this system the employees also 

use online portal in order to update their status and the 

assigned tasks which they are given. This raw data is 

then encapsulated and forwarded through different 

network protocols and this information may be 

transmitted to the gateway, and from here is it will be 

sent to the Big data cloud computing platform. 

Websites now a days are becoming more and more 

intelligent by predicting our choices [14], same is the 

case for Smart E-HRM system layer, which will do the 

crucial tasks like look, listen, adapting, predicting, 

connecting and correcting on the Big data in order to 

make smart decision, therefore unlocking an intelligent 

system. 

Big data infrastructure: 

  As shown in fig.1, it shows different data 

stages in big data management in order for the system 

to become intelligent. All these stages are discussed 

below. 

 

Correct Connect Predict

Look Listen Adapt

 
Fig.1  Data stages for Big data 
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a) Look: Here Look refers to as data which is in the 

raw form that is collected and indexed by the big data 

platform in order to access the data smoothly. In smart 

E-HRM system the data is collected in various forms i.e. 

human interface which may be RFID cards, biometric 

system, the data of the tasks given to the employees and 

their evaluations by their superiors and from the data 

given on the  online web portal where the employees 

online profiles are already stored in the main server. All 

these data forms are then stored in a column based data 

server or cloud like bit map index and tree based index.  

b)Listen: Here listen refers to the data in the form of 

information, here the big data platform analyze the 

received data, filters it and remove the unwanted data so 

it can only deal with the useful and valuable data in 

order to make intelligent decisions about the employees.  

 

c) Adapt: Here Adapt refers to our knowledge data, 

here the extracted data is analyzed through the criteria 

of clustering and grouping the received information in 

order to provide a clear decision to the given entity.    

 

d)Predict: Predicting is the intelligence that our 

platform will do by mining rules and will compare this 

data with the past and also with the present data in order 

to give future values. Analysis such as predictive 

analysis is used here in order to give correct predictions.  

 

e) Connect: Here connects refers to the wisdom that the 

platform will give by integration of past and present 

values to get the required experience of the employees. 

 

f) Correct: Here this data refers to the visualization of 

the employees data from the previous stages thus giving 

intelligent decisions based on the employees output. 

 

BIG DATA ANALYSIS AND COMPUTING: 

In order for a smart TM system to make 

intelligent decision regarding Talent Management 

processes like recruitment, promotions and tasks 

assignments, the data need to b analyzed in a timely, 

proactive and fast manner. The employee’s data need to 

be analyzed and compared with the previous data in 

order to get a clear insight into the employee’s 

performance. In order to analyze this type of data there 

are two types of computing methods that will be used 

here i.e. Stream and Batch Computing.  

 

a) Stream Computing: The era of Big data has led to 

the development of stream computing i.e. online 

real-time data along with distributed data stream 

computing [15][16]. Many organizations rely on 

real-time data streaming in order to spot 

fundamental issues like trading, system detection 

and employees progress by evaluating day to day 

tasks given to them [17][18]. In our proposed 

system clustered hardware processing of parallel 

data is adapted to help us process real-time data 

without any hurdle. Also sophisticated models are 

employed in order to extract the required real-time 

data. 

 

5) Hadoop is most commonly used for Batch 

Computing system. Hadoop is basically a java based 

open source software framework used for distributed 

processing of huge datasets across of different 

distributed nodes. Hadoop framework was developed 

by Doug Cutting and Mike Cafarella in 2005 [19]. 

Apache Hadoop was developed to handle multiple 

servers each with multiple storage and computation 

capacity. It not detects failure at the application layer 

but also delivers high availability [20].  

 

Hadoop Architecture: Hadoop basically consists of 

following two main components [21]. 

 

1. HDFS (Hadoop Distributed File System)  

2. MapReduce  
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Data Nodes

Name Node

Secondary data 

node

Data Nodes

Data Nodes

Meta Data

Data Server 

Data Server 

Data Server 

Data Server 

Data Server 

 
 Fig.2 HDFS Structure 

 

1.  HDFS: HDFS structure is shown in fig.1. HDFS is 

basically used for handling files in Big data 

environment. The data files are first processed and then 

they are distributed into small blocks of sizes between 

64-128 MB and then they are again distributed through 

nodes. For accuracy, each block is duplicated across 

different nodes. These nodes serve two main purposes 

in HDFS cluster, the Name node functions by managing 

the block distribution, by tracking their location and 

their operation, and also storing the metadata 

information.  

 

2. MapReduce: The programming model used for the 

Hadoop framework is called MapReduce [22]. 

MapReduce is used for the processing of data for large 

clusters in parallel manner for the Commodity server. 

Hadoop works in a very reliable manner by distributing 

tasks to multiple nodes on the cluster. Thus as the name 

suggests MapReduce has two phases i.e. to map and to 

reduce. As the dataset is given to MapReduce, the 

dataset is already in the form of different data chunks, 

so this dataset is processed in parallel by the map tasks. 

MapReduce reduces the tasks on the input by sorting 

the map tasks output. The file system stores the reduce 

tasks as well as the input and output of the Map Tasks. 

MapReduce not only take cares of the schedule tasks 

but also monitors all take care of the failed tasks if any 

if any. As we know that nature of the web data is 

mostly heterogeneous and is in the unstructured form. 

So in order to deal with this large amount of 

unstructured data we have proposed a smart TM system 

in order to deal with the TM issues. This system will 

evaluate each candidate according to their performance 

and in the end will give the results according to their 

efficiency and task completion. Fig 3 shows the 

proposed smart E-HRM system. The amount of 

unstructured data is in huge amount as compared to 

structured one so we get more information from 

unstructured data. So in order to handle this 

unstructured data we need to formulate some technique 

in order to efficiently handle this data.   

 

Proposed Smart TM System: 

As we know that nature of the web data is mostly 

heterogeneous and is in the unstructured form. So in 

order to deal with this large amount of unstructured data 

we have proposed a smart TM system in order to deal 

with the TM issues. This system will evaluate each 

candidate according to their performance and in the end 

will give the results according to their efficiency and 

task completion. Fig. 3 shows the proposed smart TM 

system. The amount of unstructured data is in huge 

amount as compared to structured one so we get more 

information from unstructured data. So in order to 

handle this unstructured data we need to formulate 

some technique in order to efficiently handle this data.  

 

RESEARCH METHODOLOGY: 

a) Processing of Unstructured data: 

  There are number of methods for converting 

unstructured data to structured data and extracting 

useful information from them, data mining, digital 

image processing, text analysis and natural text 

processing are some of the well known data processing 

techniques. In our proposed method we have used 

Hadoop to transform unstructured data to give us 

structured data. Here our employees data is in the form 

of Unstructured data i.e. employees data base 

containing employees skills, qualifications, their 

designated positions, tasks given, their efficiency all are 

stored in the local server which is also connected to the 

main server. Hadoop basically processes huge amount 

of unstructured data though two main techniques which 

are, HDFS and MapReduce techniques.  
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b) Stored data Processing: 

     The data of the employees already stored in the min 

server is actually noise ad may contain many unwanted, 

duplicate and irrelevant data. So this data should be 

analyzed and preprocessed. Canonicalization is one 

such technique that will be used for the preprocessing 

of this data.  This technique is used for changing 

information into standard type of information. This type 

of technique is useful to indentify particular job 

assignment for a particular person which specialization 

in the required field. Is also helps to define tasks for 

person like Software analyst, Software developer, 

technical engineer by utilizing entity resolution 

technique by using text analysis [23].   

 

Unstructured Data
Data Nodes

Main Central Server

Data Processing 

Techniques

Transforming 

data

Processing of 

Data

Employees Data / Employees task / Employees Evaluation / Education / Education / 

Designation / Age / Gender / Experience

Data Mining /

 Smart Recommendation 

techniques 

Smart TM Decision 

Making

Recommendations for

 Approval

Collaborative Filtering 

 
Fig.3. Smart TM system Model 

 

c) Smart TM Data Modeling:  

  As we know that there are various 

recommendation based techniques like hybrid base 

recommendation, collaborating and content based 

recommendation. But as more and more data 

accumulates, our smart E-HRM system use data mining 

technique for processing huge sums of data [24]. The 

various methods that are employed in data mining are 

clustering, classification and association etc. In our 

model we have proposed Reciprocal Recommendation 

Technique with association and clustering rules for 

smart decision making process [25]. 

 

d) Filtering data for Smart TM Decision: 

  In this type of filtering the candidates 

personalized features are accessed. For example like in 

job recruitment, a candidate only likes to work in office 

and does not prefer field job. In case of promotion the 

candidate would like to serve in the same city and also 

keeping in view about the candidate experience and 

expertise, keeping in view the candidates progress and 

his achievements. This process also takes feedback 

from the all the managers about the employees from an 

online evaluation forms and same case goes with the 

managers are also evaluated from the employees. Thus 

in the end the Smart TM system will give more 

convincing and relevant results for TM practices.  

 

e) Collaborative Filtering Method: 

  Smart E-HRM is basically a recommender 

system for TM, it suggests and predicts the TM 

decisions [26][27]. Collaborative filtering method is 

based on user rating. In this method user opinions such 

as selection and aggregation are used to predict users 

inclination [28]. Like if a person likes a particular 

product because of its advantages so the user will also 

like the similar products with same specialties. So this 

method user similarity pattern to predict users opinion. 

The correlation between i and j is represented as 

similarity value as shown in equation (1), while the 
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prediction value can be calculated with the help of 

equation (2), while equation (3) gives the threshold 

value for baseline prediction for mean µ [28].  
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f)  Smart TM Decision Making: 

  According to the required TM job the smart E-

HRM will give the final output as smart decision in 

order to give us the required candidate for the required 

job, give recommendation for employees promotion, 

employees assignments and many HRM decision which 

are made through humans, which may also contain 

favoritism so these types recommendations will be 

purely on performance, educational and experience 

based thus removing human errors and politics.  

 

Based on the smart e-HRM model for TM, we 

have used dependent and independent variables for our 

proposed scheme ensuring effective implementation of 

our work in a large scale organization such as 

mentioned above. 

 

Data Analysis  

a. Independent Variable:  

As per literature review, the research regarding 

implementation of smart e-HRM systems following five 

independent variables are identified as shown below. 

These five independent variables / functions are 

basically defining the main tasks needed to implement 

this system in any organization using BD environment. 

1. Hiring Competent and qualified employees to 

run this type of system. 

2. Making smart e-HRM tasks easier by using big 

data and related software’s. 

3. Processing employee’s information to make 

smart decisions and increasing efficiency. 

4. Making Stakeholders communication easier by 

using this smart system for communication. 

5. Performance evaluation based on this smart e-

HRM system using big data. 

6.  

b. Dependent Variables: 

The research work is Being evaluated by using 

2 dimensions i.e. dimension D1, seen as successful and 

D2 being denoted by unsuccessful in case for the 

implementation of this system. These two dimensions 

are incorporated with 4 elements as under.  

1. Smart TM  system financial benefits 

2. Smart TM  efficiency in terms of work done 

3. Employees and Organization Benefits 

4. Employees satisfaction  

5. Loyalty to the organization 

 

The above five independent variable have a direct 

relation to the dependent variables i.e. outcomes in 

implementing smart e-HRM system for TM. 

 

Hypothesis 

On the basis of the above research framework, 

this study hypothesized that using BD technology for 

TM for smart e-HRM system is a function of analytical 

practice based on human intervention of selected 

elements in HRM. The research hypothesis came up 

with the fact that quality of practice for each element in 

smart e-HRM system is closely related to the TM / 

HRM and correlated to final results in implementing 

this system. In order to present the hypothesis a 

conventional framework must be developed for 

adoption of smart e-HRM system for TM. 

The research work depicts hypotheses as; 

 

H1. Assigning this smart system to technical person 

having technical as well as practical knowledge of BD 

system, chances of implementation of this system will 

increase.  

H2. Making TM easy and distributed in a rational 

manner through software’s designed especially for the 

employee’s benefits, thus the employees are assigned 

equal tasks and efficiency will increase. 

 

H3. Using BD technology to process employee’s 

information, the tasks given to the employees according 

to their qualifications and each employee is given an 

equal amount of work load thus increasing successful 

completion of tasks by each employee. 

 

H4. Implementation of BD technology the stakeholder 

Communication Management become betters, greater 

are the chances for successful completion of the tasks. 

  

H5. Performance monitoring of the employees by using 

BD technology for promotion and rewards which in 
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turns increases competition among the employees and 

thus making work environment more competitive.   

 

In short, the hypothesis suggests that by 

implementing BD technology for TM will increase 

efficiency and reduce cost while not implementing this 

system reduces efficiency and icreases the costs for the 

HR department. The study is co-relational and carried 

out on BD technology and its implementation in TM. 

Management staff carrying out different TM practices 

using BD technology in a telecom organization were 

studied and analyzed. It should be noted that BD 

technology is mostly implemented in telecom 

organization as this type of technology is very useful in 

employees management and also improving day to day 

tasks like gathering information from all the offices and 

servers within the organization and evaluating 

performance of the employees by processing data 

through data mining.  

 

Research Involvement and sample population: 

It was very strictly implemented that the input 

of data from the respondents must be unbiased, thus 

allowing the respondents to freely express their views 

without interfering in their views or implementing our 

own views thus giving us a clear and unique perspective 

in to their minds.    

 

The sample population was selection from 5 

different offices from all around the country with (BD 

intensive) professionals, supervising and management 

projects related to BD technology of varied scope and 

nature. The analysis was made on the factors given 

below. 

 Large scale BD intensive projects for TM ( 

Heterogeneous) 

 Timely Implementation of BD project for TM. 

 Building Team for BD implementation project 

for TM 

 Documentations of BD implementation project 

for TM 

 Organization willingness to implement BD 

technology to TM 

 Availability of 4 members during the time of 

data collection 

 The effect on the quality of TM projects is 

dependent on the implementation of BD 

implementation on TM 

 

Data Analysis Results:  

 Data was collected from 5 different offices 

within the country from 740 employees. This data was 

then analyzed statistically and then hypothesis testing 

was carried out towards final results and discussion. 

SPSS was used to elaborate the impact of BD 

technology on TM by analyzing the impact of 

independent variable son the dependent ones. The 

analysis will result in achieving the conclusion as how 

to implement BD technology for TM and how to 

improve it. Significant level variables and their 

relationship were analyzed. The following table will 

give details for the independent variables according to 

analysis. 

 

Table 1: Independent Variables 

Hiring qualified and skilled person for the 

job, (IV-1)  

Handling of this system by qualified and skilled professionals in order 

to make this system successful   

Using specialized software's for smart TM 

system  (IV-2) 

Specialized software tools for the employees to that each task is made 

easy and efficient.   

Employees information processing for 

equal work load distribution  (IV-3) 

Each employee is given equal amount of task and work load as per 

qualification thus increasing the chances of successful completion of 

the tasks given to each employee.  

Stakeholder communication  (IV-4) Using BD technology the communication between the stakeholder and 

employees becomes better and more reliable  

Performance evaluations smart 

system(IV-5) 

Performance Monitoring through BD technology helps to boosts 

employee moral by performance based promotions and rewards thus 

increasing employee’s efficiency and create a healthy competitive work 

environment.  

BD technology implementation results  

Dependent Variable (DV) 

These are the results of the outcomes from this smart BD TM system 

The research results based on the hypothesis are given below: 

 

H1 = Qualified and Technical Person for the job: In 

order to implement BD technology for smart TM 

system, highly qualified and trained individuals should 

be hired to operate and run this system. Thus from table 

6 we see that Pearson coefficient having value of () 

.179 with P < 0.0. According to our Hypothesis of 

hiring qualified and technical person for the job, results 

in successful implementation of BD system for smart 

TM system. Thus both of our variables are correlated 

with each other.  

 

H2 = Specialized software's for smart E-HRM 

system for TM: Implementing specialized tools and 

software’s in order to run BD smart TM system and in 
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turns increasing efficiency of the organization. From 

table 6 we see that Pearson coefficient having value of 

() .130 with P < 0.0. This indicates that our hypothesis 

of implementing software’s for BD implementation in 

smart TM system directly affects the efficacy of the 

organization, thus both variables are correlating with 

each other.  

 

H3 = Employees information processing for equal 

work load distribution: Accessing employees 

information and qualification through BD technology 

and distributing workload and tasks equally among the 

employees increases efficiency in completion of tasks 

in time. Thus From table 6 we see that Pearson 

coefficient having value of () .231 with P < 0.0 shows 

that work equal work load distribution among 

employees directly effects the completion of tasks in 

time and also increases efficiency. Hence both our 

variables are correlating with each other.  

 

H4 = Stakeholder communication: Stakeholder 

communication with the employees directly effects the 

completion of the tasks by the employees thus Pearson 

coefficient having value of () .462 with P < 0.0 is high 

thus showing that using BD technology as a tool for 

communication management between the employees 

the increases tasks completion time by the employees. 

Thus our variables are correlating with each other.  

 

H5 = Performance monitoring: Performance 

monitoring system using BD technology shows strong 

correlation with Pearson Correlation Pearson coefficient 

having value of () .041 with P < 0.0. Thus using BD 

technology each employee’s performance is monitored 

online and based on employee’s performance rather 

than favoritism each employee is given promotions and 

rewards thus making a healthy competitive environment 

free of favoritism and politics. Thus both of the 

variables are care correlating with each other.  

Table 2: Descriptive Statistics 

 Mean Std. Deviation N 

Results (DV) 3.4215 .8922 740 

Right Person (IV-1) 3.3865 1.2144 740 

Specialized Software’s / Tools (IV-2) 3.2676 .7692 740 

Workload (IV-3) 3.9453 1.0172 740 

Stakeholder Communication (IV-4) 3.4866 .8495 740 

Performance Monitoring (IV-5) 3.2917 .9996 740 

 

Table 3:  Model Summary 

Model R, Project 

Implementation 

R
2 

Adjusted R 

square 

Std. Error
 

Change 

Statistics(R 

square change)
 

Change Statistics(R 

square change
 

1 .821
a
 .642 .629 0.622 .51472 24.021 

       

 

 

Table 4: Model Summary 

Model Change 

Statistics(df1) 

Change 

Statistics(df2)
 

Change Statistics             (Sig. 

F Change)
 

1 5
a
 60 .000 
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Table 5: ANOVA
a,b

 

Model  Sum of Squares
 

df Mean Square
 

F
 

Sig
 

1 Regression 31.142 6 6.812 22.977 000
c
 

 Residual 16.051  

58 

.247   

 Total 47.022  

65 

   

a.b Predictors: (Constant), Performance Monitoring (IV5), Time Lines (IV2), Stockholder Communication (IV3), 

Workload (IV4), Right Person (IV1) 

 

     Table-6. Coefficients
a,b

 

Model Unstandardized Coefficients Standardized 

Coefficients 

t Sig. 

B Std. Error Beta 

1 

(Constant) 1.221 .342  3.019 .003 

Right Person (IV1) .179 .088 .284 1.798 .007 

Software Help (IV2) .130 .101 .051 .466 .000 

Employees information access 

(IV3) 

.231 .072 .033 .401 .008 

Stakeholders and employees 

communication  (IV4) 

.462 .116 .576 4.301 .000 

Performance Monitoring (IV5) .041 .110 .032 .287 .000 

 

 

As seen from the above results, the effects of 

BD technology on TM depends on managing 

stakeholders communication between the management 

and the employees and then on the workload on the 

team members. Success or failure of such type of smart 

TM system depends on selecting the right person for the 

right job having technical and relevant knowledge about 

this smart TM system. All these factors make this smart 

TM system effective in terms of cost and efficiency. 

Hence we can further evaluate that the independent and 

dependent variables having different magnitudes 

correlate with each other positively.  

  

 As seen from the table 3, the value of R
2 

for 

this model relationship is about 0.633 with value of f
 

(24.021) and p is <0.00 which means that there is 65.9 

% chance for the adoption of bid data technology for 

this smart TM system.  Similarly (IV-1) is slightly 

correlated with (IV-2), while (IV-3) and (IV-5) having 

Pearson correlation of less than or equal to 0.4, thus 

these two are not correlated to (IV-4). However the 

independent variables having Pearson correlation of 

greater than or equal to 0.4 at P = 0.0 shows slight 

correlation but with the exception of (IV1, IV4). This 

shows that all the independent variables are slightly 

correlated with each other. It also shows that by 

selecting all the variables the implementation of this 

project becomes more realistic. The correlation of all 

the five variables shows that this research work will 

also be tested by using regression analysis.  

 

The correlation between IV and DV for the 

research work shows that the designed model and 

theoretical frame work are logical and all the IV’s are 

effective. The findings of the model suggests that this 

research work is qualified to be tested for regression 

analysis for further confirmation of the impact of BD 

technology on smart TM system. 

 

CONCLUSIONS and Future Scope 

     In this paper we have proposed a model for 

implementing BD for smart Talent Management system 

in a large scale telecom organization. BD is slowly but 

gradually building its grasps in telecom organizations 

worldwide. Thus in order to implement this system in 

any organization some gradually changes have to be 

implemented in order o successfully implement this 

system.   The research was based on five independent 
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variables which were critical in order to implement BD 

technology in any large scale organization for smart TM 

system. The use of BD technology for smart TM system 

is a worthy technology for the enhancement of the 

traditional HR. In order to meet the strategic goals for 

any organization, this type of smart TM is necessary as 

a tool for understanding competence models, 

knowledge, skills, behavior and personal characterizes 

of the employees. Smart TM system with the help of 

BD technology provides many value added services to 

the organization, including real time tracking of the 

employees, their current and future needs, growth plans 

and employees training and sorting out their problems 

by diminishing the gap between the management and 

the employees. Implementing this type of smart TM 

system will improve consistency and remove bias 

decisions making thus improving the quality and 

quantity of decision making.  

 

          Today’s world is now a BD world. A smart TM 

system in collaboration with BD technology is capable 

of analyzing employee’s information, effortlessly, 

efficiently and is more personalized in results. This 

technology is compatible with all users and can be 

accessed and modified according to the needs of the 

organization. The proposed BD technology for smart 

TM system is more personalized in results and is 

efficient and cost effective. The proposed smart TM is 

based on Competence Based smart Model Expert 

system that is capable of solving wide variety of 

problems in HR domain.  The knowledge base obtains 

the information by interpreting and reading other 

sources and can be used by the stakeholders for wide 

range of purposes. The future work will analyze the 

efficiency and accuracy of this smart TM system for 

selecting recruiting, training and retention of its 

employees through this system.    
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